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ABSTRACT

THE REASONED, REACTIVE, AND HABITUAL ENGAGEMENT IN SOCIAL
MEDIA DISTRACTED DRIVING: EXPLORATION OF BEHAVIORAL
PROCESSES AND THEIR INTEGRATION

ARSLAN ARISOY, Burcu
Ph.D., Department of Psychology
Supervisor: Prof. Dr. Bahar Oz

June 2025, 125 pages

Social Media Distracted Driving (SMDD), defined as drivers engaging with content
and notifications from social media apps while driving, presents a unique hazard.
Understanding the behavioral processes that contribute to SMDD is vital for
developing effective interventions and policies. However, no prior study has
specifically investigated these processes. To address this gap, the current study
proposes a novel approach to examining the behavioral processes of SMDD with
three frameworks and their integration: the Theory of Planned Behavior (TPB), the
Prototype Willingness Model, and habitual strength. A sample of 416 drivers, with a
mean age of 31.9 years, participated in the study. The findings indicated a positive
relationship between social media habits and SMDD engagement, suggesting that
SMDD can be somewhat automatic. The analysis of the TPB model showed that
intention was the strongest predictor, underscoring the strength of the reasoned
process in SMDD. The PWM model revealed that willingness had a smaller direct
effect on SMDD but a stronger indirect effect through intention, highlighting the

impact of reactive responses on the reasoned process. Finally, the integrated model
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suggested that SMDD is not an automatic behavior; however, habits can shape
deliberate behavioral processes. The study highlights the necessity of a multi-
framework approach to understanding the underlying factors of SMDD. The

discussion section includes the theoretical and practical implications of the results.

Keywords: Distracted Driving, Social Media, Theory of Planned Behavior,
Prototype Willingness Model, Habitual Strength



0z

SURUS SIRASINDA SOSYAL MEDYA KAYNAKLI DIKKAT
DAGINIKLIGININ AKILCI, TEPKISEL VE ALISKANLIK TEMELLI
DAVRANISSAL SURECLERININ KESFi VE ENTEGRASYONU

ARSLAN ARISQOY, Burcu
Doktora, Psikoloji Boliimii

Tez Yoneticisi: Prof. Dr. Bahar Oz

Haziran 2025, 125 sayfa

Siirtictilerin ara¢ kullanirken sosyal medya uygulamalarindan gelen igerik ve
bildirimlerle mesgul olmasi olarak tanimlanabilen Sosyal Medya Kaynakli Siiriicii
Dikkat Dagmikligi (SMKSDD), her an siiriiciiniin kendisi tarafindan baglatilabilen
gorsel, biligsel, fiziksel ve isitsel talepler igerdigi icin Ozgln bir tehlike arz
etmektedir. SMKSDD'ye katkida bulunan davranissal siiregleri anlamak, etkili
midahaleler ve politikalar gelistirmek icin hayati 6nem tasimaktadir. Ancak, daha
once higbir ¢alisma bu siiregleri 6zel olarak arastirmamustir. Bu eksikligi gidermek
amaciyla mevcut ¢alisma, SMKSDD'nin davranissal siireclerinin li¢ ayr1 kuramsal
cerceve ve bunlarin biitiinlestirilmesiyle incelenmesine yonelik 6zgiin bir yaklagim
sunmaktadir: rasyonel siiregler i¢in Planli Davranis Teorisi (PDT), tepkisel siirecler
icin Prototip Isteklilik Modeli (PIM) ve aliskanlik (otomatik) siiregleri i¢in aliskanlik
giicii. Calismaya, yas ortalamasi 31.9 olan 416 siirliciiden olusan bir Grneklem
katilmistir. Bulgular, demografik ozellikler ve gilinliik sosyal medya kullanimi
kontrol edildikten sonra dahi sosyal medya aligkanliklari ile SMKSDD eylemi
arasinda pozitif bir iligski oldugunu gostermis, bu da SMKSDD'nin bir dereceye kadar
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otomatik olabilecegini diisiindiirmiistiir. PDT modelinin analizi, niyetin en giicli
yordayict oldugunu ortaya koymus ve SMKSDD'ye yonelik davranista gerekgeli
siirecin giiciiniin altn1 ¢izmistir. PIM modelinin incelenmesi, istekliligin SMKSDD
tizerinde daha kiigiik bir dogrudan etkiye sahip oldugunu, ancak niyet araciligiyla
giiclii bir dolayl etkisi oldugunu gostermis. Bu bulgu, tepkisel yanitlarin gerekgeli
siire¢ iizerindeki etkisini vurgulamistir. Son olarak, aliskanlik, PDT ve PIM'
birlestiren biitiinlesik model; SMKSDD'nin otomatik bir davranis olmadigini; ancak
aligkanliklarin,  bilingli  davranigsal  siirecleri  sekillendirebilecegini  veya
tetikleyebilecegini One siirmiistiir. Mevcut calisma, SMKSDD'nin altinda yatan
faktorleri anlamak i¢in c¢oklu cergeveye dayali bir yaklasimin gerekliligini
vurgulamaktadir. Calismanin tartisma bolimi, sonuglarin kuramsal ve pratik

Onerileri igermektedir.

Anahtar Kelimeler: Siiriicii Dikkat Dagmikligi, Sosyal Media, Planli Davranis
Teorisi, Prototip Isteklilik Teorisi, Aliskanlik Giicii
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CHAPTER 1

INTRODUCTION

Driving is such a complex and demanding task that even a slight diversion of
attention from the task at hand may bring serious consequences. Thus, driver
distraction is considered as the one of the significant causes of traffic accidents
(WHO, 2023; Dingus et al., 2016). According to NHTSA (2022), approximately
3308 people died on the road in the USA due to driver distraction-related accidents.
European Commission (2018) stated that the estimated rate of 5-25% of crashes in
Europe is attributed to driver distraction, where Austria reported it as the leading
cause of road fatalities (ITF, 2024). Even though these statistics show the importance
of this problem, the actual numbers are considered higher because some drivers'
distracting behaviors are difficult to detect, such as hands-free talking on the phone
while driving (WHO & NHTSA, 2011).

With the rapidly growing technological world, in-vehicle technologies (e.g.,
infotainment systems, etc.) or communication technologies (e.g., smartphones, etc.)
carry significant risks for driver distraction, besides their advantages in daily life.
Particularly, mobile phone use while driving was highlighted in almost every report
on driver distraction (e.g., WHO, 2011; NHTSA, 2022; EGM, 2017, etc.). Mobile
phones have transcended their role as mere communication tools and have become
an important instrument with various functions, such as social networking, job-
related functions, health-tracking, navigation, photography, web search, etc. As a
result, avoiding mobile phone use while driving has become difficult, making it one
of the most prominent and commonly recognized sources of driver distraction. The
evolving functions and formats of mobile phone use have also contributed to changes
in its effect on driver distraction. While earlier use was limited primarily to basic

communication, such as making calls or sending texts, these functions are considered
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the most concerning functions of mobile phones related to driver distraction (Caird et
al., 2008). Today, more complex activities, such as social networking via apps, have
introduced new and maybe more demanding forms of distraction (RAC, 2024;
Xydianou et al., 2019).

In summary, the factors that lead to driver distraction can be influenced by changes
in our daily lives. Thus, it is likely that distraction will continue to rise as modern
technologies have become a natural part of everyday life, even while driving. For this
reason, it is essential to understand driver distraction, especially the underlying
factors behind mobile phone use and its various forms, to develop more effective

strategies and future policies.

1.1. Driver Distraction

There is a lack of consistency in the definitions of driver distraction across the

literature. Pettitt et al. (2005) defined driver distraction as:

Driver distraction is a delay by the driver in the recognition of information necessary
to safely maintain the lateral and longitudinal control of the vehicle (the driving task)
due to some event, activity, object or person, within or outside the car that compels
or tends to induce the driver’s shifting attention away from fundamental driving tasks
by compromising the driver’s auditory, biomechanical, cognitive or visual faculties,

or combinations thereof. (p.11)

This comprehensive definition emphasizes distraction as a delay in the driver’s
reaction time. On the other hand, Regan et al. (2011) referred to driver distraction as
“driver diverted attention” and defined it as the diversion of a driver's attention away
from activities critical for safe driving. In this definition, distraction is characterized

not by delayed responses but by a shift in focus from safety-critical driving tasks.

In the literature, driver distraction is commonly categorized into four types of
distractions (WHO, 2011). Visual distractions lead drivers to take their eyes off the

road for a certain period. Cognitive distraction involves mind-wandering activities
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that shift drivers’ cognitive focus away from the driving task. Physical distractions
occur when drivers take their hands off the steering wheel. Auditory distractions
occur when drivers focus on external auditory stimuli. Later, Regan and Hallett
(2011) suggested two additional types of driver distraction. Gustatory distractions
divert drivers' attention to the taste of things, whereas tactile distractions lead drivers
to divert their attention to the sensations in their bodies. The attention competing
activities leading to driver distraction may not encompass all types of distraction. For
example, drinking a coffee while driving may have physical distraction (holding a
cup), looking at the cup to pick it up (visual distraction), and gustatory distraction
(taste of coffee).

Regan and Hallet (2011) identified six categories of attention-competing sources of
driver distraction: objects (e.g., mobile phone), events (e.g., crash scene), passengers,
other road users (e.g., motorcyclists), animals (e.g., cats), and internal stimuli (e.g.,
boredom). Even though each of these sources contains risk for accidents if drivers
engage with them, the mobile phone-related driver distraction uniquely stands out as
a significant factor on its own (Dingus et al., 2016; NHTSA, 2022), not just because
its widespread use, but also it contains several distraction types at once. For example,
talking on the phone, the most common mobile phone-related driver distraction
(RAC, 2024) is likely to lead to three types of distractions: physical distraction
(picking up the phone), auditory distraction (listening to the voice of the respondent),
and cognitive distraction (understanding/comprehending the context of the
conversation). The more complex the type of mobile phone use is, the more
distracted it is likely to be. Considering its potential to distract, widespread daily use,
and evolving functions and forms, mobile phone use while driving poses an
increasingly serious threat to road safety. Therefore, it is essential to conduct further
research on this issue and to deepen our understanding of how different patterns of

mobile phone use impact road safety.

1.1.1. Mobile Phone-Related Driver Distraction

Numerous studies have demonstrated the relationship between mobile phone
distracted driving and accident involvement (NHTSA, 2022; Yannis et al., 2014). In

3



the UK, the rate of drivers admitting to using their mobile phones while driving
increased from 10% in 2022 to 12% in 2023, despite the introduction of new
regulations and increased fines (RAC, 2024). The casualties attributed to mobile
phone distracted driving in the EU appear to be increasing annually, despite a high
number of EU drivers acknowledging that using mobile phones, either handheld or
hands-free, is a contributing factor to road crashes (75.5% and 50.9%, respectively)

(European Commission, 2022).

Many studies have presented evidence of the detrimental effects of mobile phone
distracted driving on driver performance. Mobile phone distracted driving has been
shown to increase crash risk (lge et al., 2016; Dingus et al., 2016), delay reaction
times (Caird et al., 2008; Lyngsie, et al., 2013), degrade drivers’ visual scanning
ability, and drivers’ vehicle control (Caird et al., 2008; Rudin-Brown et al., 2013;
Yannis et al., 2016), and increase workload of drivers (Caird et al., 2008). Chee et al.
(2021) also demonstrated that the presence of mobile phones significantly impacts
driver performance, even when the phone is turned off. For drivers highly dependent
on their phones, the mere presence effect on performance was even higher. In
summary, mobile phone-related distractions extend beyond the actual usage time

span.

The types of mobile phone use while driving are similar to those in daily life, such as
making calls, texting, navigation, web browsing, and social media use. Among them,
making calls and texting have been the most extensively studied factors contributing
to driver distraction. Although both activities degrade driver performance, texting
while driving has emerged as a primary concern due to its significantly greater
negative impact (Singh et al., 2024; Choudhary & Velaga, 2017). Texting while
driving encompasses at least three types of driver distraction: cognitive, visual, and
physical distraction (Caird et al., 2014), and thus has more severe adverse effects
compared to other mobile phone-related distractions (Choudharya & Velaga, 2017).
For example, in a study on the post-effects of conversation and texting while driving,
Thapa et al. (2015) found that conversation did not have a significant post-effect on
driver performance; however, texting while driving continued to affect vehicle

control for an additional 3.38 seconds after texting ended.
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Among other types of mobile phone use, social media-related distractions while
driving have recently caught the attention of road safety professionals. As social
media has become an integral part of daily life for individuals worldwide, its
influence on other aspects of life, including driving, has become a significant area of
study. According to the RAC Report on Motoring (2024), 25% of UK drivers
admitted to using apps to text and post on social media, as well as to check
notifications from social media apps, which makes it the second-highest type of
mobile phone use while driving, after making calls. This statistic highlights the need

to explore social media use behavior behind the wheel in depth.

1.1.2. Social Media Distracted Driving

Social media is defined as “a group of Internet-based applications that build on the
ideological and technological foundations of Web 2.0 and allow the creation and
exchange of user-generated content” (Kaplan & Haenlein, 2010). Social media
platforms vary in their types of usage and intended purposes, including social
networking forums (e.g., Reddit, Facebook), microblogs (e.g., X [formerly Twitter]),
picture-sharing platforms (e.g., Instagram, Pinterest), video-sharing platforms (e.g.,
YouTube), and instant messaging platforms (e.g., WhatsApp, Telegram) (Kircaburun
et al., 2020).

The Digital Report 2024 (Kemp, 2025) shows that social media use increases
significantly each year and has become a common point of interest for people
worldwide. According to the report, there were 5.04 billion active social media
accounts in 2024, corresponding to 62.3% of the world’s population. Additionally,
94.2% of internet users use social media. On average, people spend 2 hours and 23
minutes daily on social media applications. In Tiirkiye, the numbers are slightly
higher. At the beginning of 2024, Tiirkiye had 54.30 million active social media
accounts for individuals aged 18 and older, accounting for 86.8% of the country’s
total population in that age group. Since the number of social media accounts does
not necessarily represent unique individuals, the actual numbers might be slightly
lower. However, they still reflect the widespread adoption of social media in many

people’s daily lives.



The use of social media can be considered as browsing through social media apps in
general (Hashash et al., 2019). The checking behavior was also considered as a key
component of social media use, especially for social media use habits and
problematic social media use (Sidnam-Mauch & Monge, 2024; Meier et al., 2023).
Oulasvirta et al. (2011) defined the checking habit as a gateway to using other
smartphone applications. They suggested that checking behavior is reinforced by
informational rewards that are readily available, which in turn increases the rate of
social media usage. This makes checking behavior an essential component of social

media use.

The rewards of social media use are not always informational. Social media use has
several rewarding aspects, motivating people to be more engaged, as mentioned in
the literature. They include staying in touch with friends and family, passing spare
time (Kemp, 2025), socializing, seeking new information (Brandtzeg & Heim,
2009), experiencing enjoyment (Turel & Serenko, 2017), and self-promotion (Park,
Kee, & Valenzuela, 2009). The diverse motivations and functions of social media use
make it a pervasive behavior, increasing its impact on individuals’ lives and well-
being in various domains (Andreassen & Pallesen, 2014), including driver safety,

such as driver distraction (Xydianou et al., 2019).

The current study coined this issue as Social Media Distracted Driving (SMDD).
SMDD is defined as a driver’s engagement with the content and/or alerts provided by
social media applications during driving, consisting both using social apps to connect
and react notifications/alerts from social media apps. It may pose a greater danger
than other types of mobile phone use due to its diversity and ease of distraction. It
often involves diverting cognitive attention to read, comprehend, and interact with
the content (cognitive distraction), requires constant visual attention to view the
content (visual distraction), and phone handling while interacting or browsing within
apps (physical distraction) and, listening the auditory signals of contents (auditory
distraction) (Regan & Hallett, 2011). Moreover, unlike texting or calling, social
media-related distractions do not necessarily require responses from others to
maintain engagement, making them predominantly self-paced distractions. Drivers

can choose to engage with social media apps whenever and however they decide.
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A few studies have investigated SMDD. Xydianou et al. (2019) studied SMDD
among young Greek drivers. They reported that more than half of the drivers stay
online while driving and receive multiple notifications from various social media
applications. Furthermore, 15.1% of the participants read and respond to notifications
on their smartphones, and 36.3% of the drivers admit to feeling intensely dependent
on their phones while driving. Considering the high prevalence of SMDD, its impact
on driver performance has become a further concern for researchers. McNabb and
Gray (2016) demonstrated that using social media platforms while driving affects
drivers’ time-headway variability and gaze behavior, while also increasing their
mental workload. Hashhash et al. (2019) reported that social media use negatively
affects drivers’ attention allocation as severely as texting while driving, which is
considered the most dangerous driver distraction (Caird et al., 2014). They also
reported that participants do not believe that social media use is as harmful as texting
while driving. Later, D’Amico et al. (2020) found that SMDD increased the number
of accidents, prolonged reaction times, and caused a significant decline in driver
performance. Consequently, the SMDD was highlighted as a hazardous driver

distraction induced by mobile phone use while driving.

Although recent studies have demonstrated the prevalence and detrimental effects,
the antecedents related to SMDD have not yet been thoroughly explored in the
literature. However, an overwhelming number of studies have investigated the
antecedent factors of general mobile phone use while driving or specific types of
mobile phone use while driving, such as texting. Several demographic variables,
personality, and socio-cognitive factors have been shown to predict the frequency of
mobile phone use while driving. Since social media use is a subtype of mobile phone
use, the following sections will mention antecedent factors of general and other types
of mobile phone use while driving. It can be assumed that the factors mentioned

below are likely to exhibit similar relationships to SMDD.

1.1.3. The Determinants of Mobile Phone-Related Driver Distraction

The antecedents of mobile phone use while driving have been overwhelmingly

studied over the years. The factors related to mobile phone-related driver distraction
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can be categorized into two main sections: factors related to individual differences,
such as demographic and personality characteristics; and socio-cognitive factors,
including risk perception, attitudes, beliefs, and norms related to mobile phone use
while driving. While individual factors have been investigated to explain who is
more likely to use mobile phones while driving, socio-cognitive factors have shed
light on the psychological reasons behind such behaviors.

1.1.3.1. Factors related to individual differences

Brusque and Alauzet (2008) stated that age is the most frequently associated factor
with mobile phone use while driving. Young drivers are disproportionately
represented in the relationship between accidents and mobile phone use while driving
(Lipovac et al., 2017; Bener et al., 2006). They are also reported to be more prone to
mobile phone use, such as texting while driving, than older drivers (Li et al., 2018;
Slepicka, 2018). On the other hand, older drivers’ performance degrades more by
mobile phone distractions than young drivers’ (Liang & Yang, 2022)

For experience and exposure, Oviedo-Trespalacios et al. (2017) reported that the
odds of engaging in texting while driving increased by 1.23 and 1.66, respectively,
with every additional hour of driving experience and every ticket received in the last
three years. It was also reported that driving experience, as measured by the year the
driver obtained their license, increased the frequency of texting while driving among
college students. The increased routinization of driving activity might explain these
findings. This routinization can lead drivers to perceive driving as less demanding.
Thus, secondary task engagement can be seen as less risky and more enjoyable
(Slepicka, 2018).

In terms of gender differences, nearly all researchers agreed that males and females
did not differ in terms of the frequency of texting while driving (Nemme & White,
2010; Struckman-Johnson et al., 2015; Hallett et al., 2012; Cook et al. 2018;
Slepicka, 2018). However, Struckman-Johnson and his colleagues (2015) argued that
the motivations for texting while driving might differ between genders. They found

that in male drivers, the highest variance of texting while driving (20% of the
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variance) is explained by the lower levels of feeling distracted. On the other hand,
female drivers' texting while driving engagement was mostly related to mobile phone
dependence and risky behavioral tendencies (10.4% and 9.9% of the variance,

respectively).

Relatively few studies have investigated the personality factors contributing to
general mobile phone use and texting while driving. These limited studies have
primarily focused on the Big Five personality traits (John & Srivastava, 1999) and
impulsivity (Brown et al., 2021). Among the Big Five traits, openness to experience,
extraversion, neuroticism, and conscientiousness have been associated with increased
in making calls (Bianchi & Philips, 2005) and in texting while driving, especially in
young drivers (Parr et al., 2016; Schroeder & Sims, 2015; Ehrenberg et al., 2008). In
contrast, agreeableness has shown a negative relationship with this behavior (Parr et
al., 2016; Ehrenberg et al., 2008). Impulsivity, another personality trait associated
with driver distraction, has also been examined in the context of texting while
driving. Impulsivity, characterized by a tendency to underestimate risks when taking
action (Dawe et al., 2004), plays a significant role in other risky driving behaviors
(Bigaksiz & Ozkan, 2016) and was expected to increase engagement in texting while
driving. Several studies have consistently supported this expectation (e.g., Brown et
al., 2021; Struckman-Johnson et al., 2015 etc.).

1.1.3.2. Socio-cognitive factors

Although the risk associated with mobile phone use while driving is acknowledged
by almost all drivers, it does not appear to deter them from engaging in this behavior
(Prat et al., 2015). Many studies have shown that risk perception yields controversial
results. For example, some studies showed that high perceived risk may discourage
drivers from texting and driving (Beck et al., 2016), whereas other studies reported
insignificant or even positive relationship between risk perception and texting while
driving, indicating that evaluation of risk does not predict drivers’ texting while
driving behavior (Prat et al., 2015; Dillow et al., 2015). These findings highlight the

complexity of mobile phone use while driving.



Understanding this complexity, researchers have examined numerous socio-cognitive
factors to identify the underlying factors influencing the decision-making process in
mobile phone use while driving. The attitudes, normative beliefs, control beliefs, and
image perceptions were thoroughly examined as predictors of intention, willingness,
and behavior related to mobile phone use while driving. The two well-known
behavioral models are utilized to test these factors: the theory of planned behavior
(TPB; Ajzen, 1991) and the prototype willingness model (PWM; Gibbons et al.,
1998). In general, these factors were found to explain the psychological process
behind mobile phone use while driving. TPB studies showed that favorable attitudes
and peer approval/acceptance were the most important factors leading to the
intention to use mobile phones while driving. On the other hand, the findings of
perceived behavioral control as a control belief were controversial. Nemme and
White (2010) stated that even though drivers believe in their capability to use a
mobile phone while driving, this belief does not predict the actual behavior. It may
point to the fact that the psychological process behind the behavior of mobile phone

use while driving could be a more reactive or automatic process, rather than rational.

In PWM studies, in addition to attitudes and normative beliefs, prototype perceptions
were found to be another important factor behind the psychological process of
mobile phone use while driving. Positive prototype images (favorable images and
similar to oneself) were significantly related to the willingness (openness to engage
in behavior in certain circumstances) to use a mobile phone while driving. This
finding can also explain the inconsistent findings between perceived behavioral
control and actual behavior. According to PWM studies, mobile phone use while
driving could have a more reactive psychological process, rather than reasoned
(Preece et al., 2018). Thus, beliefs on capability and self-efficacy do not necessarily

predict actual behavior.

In addition to these models, one factor was considered to predict mobile phone
engagement in driving: the habit. In early studies, past behavior was used as a
measure of habit. These studies have shown that the frequent repetition of mobile
phone use predicts engagement in mobile phone-distracted driving (Shevlin &

Goodwin, 2019; Bazargan-Hejazi et al., 2017). Recent studies conceptualized the

10



habit as automatic behavior. They demonstrated that the habit of mobile phone use is
also a predictor of mobile phone use while driving (Demir et al., 2023; Hansma et al.,
2020), indicating that mobile phone distracted driving can become somewhat
automatic. Overall, earlier studies emphasize the complexity of understanding
engagement in mobile phone-related driver distractions. They suggest that the use of
mobile phones while driving can be analyzed through various frameworks and
models, each indicating a distinct behavioral process behind this behavior. Therefore,
further examination of these processes is essential to develop an effective

countermeasure against this issue.

1.2. The Behavioral Models and Approaches

Several theoretical frameworks have been extensively used in psychological research
to explain the cognitive, social, and psychological mechanisms underlying human
behavior. Among them, the Theory of Planned Behavior (TPB; Ajzen, 1991) is one
of the most widely used models, demonstrating the reasoned and intentional process
of human behavior. In response to debates about whether all behaviors are rational,
the Prototype Willingness Model (PWM; Gibbons et al., 1995) introduced a dual-
process model by incorporating both reasoned and reactive (spontaneous, socially
influenced) pathways. While both models have been applied to various behaviors
across different domains (McEachen et al., 2011; Lettow et al., 2016), they primarily
assume that behaviors are consciously performed. This assumption may neglect the
role of habitual processes, which operate automatically and outside of conscious
awareness. Studies have shown that strong behavioral habits can bypass intentional
processes (Mazar & Wood, 2018), highlighting the importance of automaticity in
understanding everyday behavior, including risky behaviors in driving (Demir et al.,
2023). Understanding whether behavior is driven by rational, reactive, or automatic
processes is crucial for creating effective intervention strategies. Such differentiation
allows researchers and policymakers to develop more targeted approaches aligned
with the underlying processes of specific behaviors; a notion further elaborated in the
following section through the introduction of relevant the oretical frameworks
and a review of studies applying them to the context of mobile phone use while

driving.
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1.2.1. Theory of Planned Behavior as a Framework for Reasoned Behavior

In 1980, Ajzen and Fishbein introduced the Theory of Reasoned Action (TRA). This
model posits that intention is the most immediate factor influencing behavior and
represents an individual's plan or readiness to perform a specific action (Ajzen &
Fishbein, 2011). According to the model, intention is influenced by two primary
factors: attitudes and subjective norms. Attitudes refer to an individual’s overall
evaluation of behavior as either positive or negative, while subjective norms reflect
the perceived social pressure or approval from close others regarding the behavior
(Ajzen & Fishbein, 1980).

In 1991, Ajzen expanded the TRA to develop the Theory of Planned Behavior (TPB;
Ajzen, 1991). This revised model introduced perceived behavioral control (PBC) as
an additional determinant. PBC refers to an individual’s perception of their ability to
control the performance of a behavior, combining both actual control over the
behavior and the self-efficacy needed to carry it out. In TPB, PBC serves as an
additional predictor of intention alongside attitudes and subjective norms, and it also

acts as a direct predictor of behavior.

Attitude

Subjective Norms Intention Behavior

Perceived Behavioral
Control

Figure 1. The visual representation of the TPB

The TPB is widely regarded as a strong framework for explaining reasoned
behaviors across various domains. Armitage and Conner (2001) conducted a meta-

analysis to assess TPB’s effectiveness in predicting health-related behaviors. Their
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findings indicated that TPB accounted for 27% of the variance in actual behavior and
39% of the variance in behavioral intention. Similarly, another study demonstrated
that PBC and intention collectively explained 19% of the variance in various
behaviors, while attitudes, subjective norms, and PBC together explained 44% of the

variance in intentions (McEachen et al., 2011).

Several research expanded the TPB to improve its explanatory power for certain
behaviors. One notable addition was the inclusion of past behavior. For example, Xu
et al. (2013) found that the frequency of past behavior influenced both road users’
crossing behaviors and their future intentions. Ajzen (2011) later discussed how,
although past behavior has the potential to explain intention, beyond attitudes,
subjective norms, and perceived behavioral control, it still fails to meet one criterion
for inclusion in the TPB model, which the included variable requires to constitute a
causal relationship with intention. However, it is theoretically difficult to argue that
past behavior directly causes current intention (Ajzen, 2011). He also pointed out
that latent variables, at least in part, captured by adding past behavior could be the
determinants of intention, such as habitual strength, which are formed by frequently
performed past behavior in a stable context. Some researchers supported this
argument by stating that past behavior reflects the habitual aspects of actions and
could help explain the gap between attitudes and behaviors (And et al., 1983,
Rothengatter, 1993). In summary, Ajzen (2011) emphasized that examining habit
formation and various background factors, as incorporated within TPB models, can
enhance our understanding of human behavior, as the original model has been

validated through numerous studies.

1.2.1.1. Utilizing TPB to understand mobile phone use while driving

As one of the widely used models to explain health behaviors, both the original and
extended models of the Theory of Planned Behavior (TPB) have been utilized
numerous times to investigate mobile phone distracted driving. Attitudes and
subjective norms have been found to predict drivers' intentions (Okati-Aliabad et al.,
2024; Nemme & White, 2010; Tian & Robinson, 2017; Wang, 2016) and
engagement in mobile phone distracted driving (Okati-Aliabad et al., 2024; Demir et
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al., 2023; Hansma, 2020). They showed that the approvability and acceptability of
texting while driving and mobile phone use while driving by others significantly
increase the drivers' likelihood of engaging in these behaviors. Similarly, perceived
behavioral control was related to intention to use a mobile phone and text while
driving (Demir et al., 2023; Okati-Aliabad et al, 2024; Prat et al., 2015; Przepiorka et
al., 2018). However, Nemme and White (2010) argued that despite the predictive
power of perceived behavioral control on texting while driving, it was not related to
actual texting while driving behavior after a week because texting while driving is a
volitional behavior. Thus, even though drivers believe that they have behavioral
control over it, they could have refused to engage.

Shevlin and Goodwin (2019) extended the theory of planned behavior by adding past
behavior, self-efficacy, and moral norms to the model. They argued that past
behavior is the strongest predictor of actual texting while driving behavior, compared
to drivers' intention and any other constructs of the theory of planned behavior.
Bazargan-Hejazi et al. (2017) also extended the TPB model by adding past behavior
and willingness to investigate college students’ texting while driving behavior. The
full TPB model was found to be related to the intention to text while driving among
college students, where attitude was identified as the strongest predictor of intention.
They also found that past behavior was a significant predictor of willingness and
intention. This means that if drivers have engaged in texting while driving in the
past, they are more likely to do so in the future, suggesting the impact of habit on

texting while driving.

1.2.2. The Prototype Willingness Model as a Framework for Reactive Behavior

Gibbons et al. (1998) proposed the Prototype Willingness Model (PWM) to explain
that not all risky behaviors result from reasoned decision making, particularly among
adolescents who often judge risky situations poorly (Gibbons et al., 1998).
According to this model, individuals may act spontaneously and reactively in some
contexts when opportunities for risky behavior arise. PWM operates as a dual-
process model, incorporating two distinct behavior pathways: the reasoned and

socially reactive pathways. The reasoned pathway aligns with the TPB, where
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attitudes and subjective norms influence intentions, which are the primary
determinants of behavior. The socially reactive path, however, introduces attitudes,

prototype perceptions, and willingness as key components.

With the PWM, the perception of prototypical images was introduced as a critical
construct in people’s reactive decision-making process. Prototypes are mental
representations of the typical person who performs a given behavior, shaped by
perceptions of how favorable and similar the prototype is to oneself. Willingness is
influenced by favorable perceptions of prototypes. For instance, if someone has a
positive image of a speeding driver (prototype favorability) and perceives themselves
as similar to that driver (prototype similarity), they may be more likely to exceed
speed limits on an empty road, even if they typically do not intend to speed. In
summary, PWM suggests that positive attitudes and favorable prototype perceptions
increase willingness, while positive attitudes and greater social approval enhance
intention. Both willingness and intention, in turn, predict the likelihood of engaging
in the behavior. However, some studies suggest that prototype images are also
related to intention, suggesting an additional path from prototype images to intention.
van Lettow et al. (2016) conducted a meta-analysis with 80 studies. They stated that
prototype images are significant predictors of intention and that adding a path from
prototype image to intention can improve the PWM model. Several studies have
proven this idea by demonstrating the relationship between prototype images and
intention (Demir et al., 2019; Hyde & White, 2010; Rivis et al., 2006).

The effectiveness of PWM in explaining risky behaviors has been demonstrated
across various domains, including unprotected sex (Thornton et al., 2002), smoking
(Hukkelberg & Dykstra, 2009), alcohol and drug use (Gibbons et al., 2004), and
organ donation (Hyde & White, 2010). In the meta-analysis study by Todd et al.
(2016), PWM explained 20.5% of the variance in behaviors overall. Willingness
explained 4.9% of the variance in behavior, in addition to the variance explained by
intention. They argued that the strength of PWM varies based on the given behavior.
For example, PWM did not add to the prediction of alcohol use above intention,
whereas willingness was the strongest predictor of cigarette use. It highlights the

importance of utilizing PWM to understand various high-risk behaviors.
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Figure 2. The visual representation of the original PWM

PWM was utilized to understand the risky behaviors in driving. Elliott et al. (2017)
found that PWM accounted for 89% of the variance in speeding behavior, which
exceeds the variance explained by TPB. They found that willingness had a greater
impact on speeding behavior. In line with theory, attitude and subjective norms had
an indirect effect through both intention and willingness, whereas prototype images
had an indirect effect through willingness. They concluded that speeding behavior
can be governed by a reactive decision-making rather than a rational one. Harbeck
and Glendon (2018) investigated prototype images of risky behavior, young drivers’
willingness to engage in risky driving, risk perception, and their actual driving
behavior. They found that prototype similarity and favorability of risky drivers
predict behavioral willingness. The behavioral willingness, in turn, predicts the
perceived risk of engaging in risky driving and the actual engagement in such
behavior. Wang and Xu (2021) tested young drivers’ willingness to continue lane-
changing behaviors. They found that attitude, subjective norms, and prototype
similarity predict drivers’ willingness to engage in continuous lane-changing

behavior.

1.2.2.1. Utilizing PWM to understand mobile phone use while driving

The PWM was proven to be a useful model for understanding mobile phone use

while driving. Preece et al. (2018) showed that behavioral willingness predicts
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texting while driving and texting while stopping in the vehicle, while positive
attitudes and favorable prototype images increase the behavioral willingness of
young drivers. Bazargan-Hejazi et al. (2017) also investigated the willingness to text
while driving among young drivers. They found that intention significantly predicted
willingness and was a significant mediator between perceived behavioral control and
intention. Rozario et al. (2010) utilized behavioral willingness in the TPB model.
They stated that subjective norms predict the willingness to engage in mobile phone
use when driving with friends rather than when driving alone. Overall, the above
studies indicate that mobile phone use while driving may be more of a reactive
behavior than a rational one, consistent with Walsh and White's (2006) proposal that

mobile phone use is generally more spontaneous than planned behavior.

1.2.3. The Habitual Strength as an Indicator of Habitual Behavior

William James (1899) stated, "99%, or, possibly, 99.9% of our activity is purely
automatic and habitual, from our rising in the morning to our lying down each night.
Our dressing and undressing, our eating and drinking, our greetings and
partings...even most of the forms of our common speech, are things of a type so
fixed by repetition as almost to be classed as reflex actions” (p. 48). William James'
enthusiastic approach gave rise to studies on habit in psychology. In early research
on habit, Triandis (1977) proposed the model of interpersonal behavior, which
describes habitual behaviors as actions repeatedly performed in the past, often
without intention. The statement that well-learned behaviors are carried out without
conscious control laid the groundwork for the dual-process decision-making model
(Evans & Stanovich, 2013). In addition to behaviorist researchers, cognitive
psychology researchers have explored habitual processes, demonstrating that
behaviors are guided by “a learned sequence of elements in long-term memory
initiated by consistent stimuli” (Shiffrin & Schneider, 1977, p. 1). In cognitive

psychology studies, automaticity was posed as the key defining feature of the habit.

Later, the habit was defined by the cue-response associations formed as people
repeated the behavior and received a reward in a stable context (Gardner, 2015;

Wood & Riinger, 2016). The association between the cue and the response can begin
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to form through intention and goals. Eventually, the stable context can trigger the
response independent of intention or conscious goal representation (Mazar & Wood,
2018).

Wood and Neal (2007) proposed the three principles of habit formation. The first
principle describes the association between contextual cues and habitual behavior.
Habitual behavior is triggered by cues that have been contiguous with the behavior in
the past. These cues can take two forms: a direct form where habits are triggered by
straightforward cognitive associations between cues and behavior (e.g., notification
sound or physical location), or a motivated form where repeated rewards for
responding to contextual cues create a diffuse motivation linked to the performance
context (e.g., pleasure or boredom) (Mazar & Wood, 2018; Anderson & Wood,
2021). The second principle emphasizes that habits form cue—response associations
without goal mediation. While habits often originate from goal-directed actions, once
established, they operate independently of any specific goal or intention (e.g.,
opening a social media app without intending to). Repeatedly performing rewarding
actions (e.g., checking messages in response to notifications) strengthens the memory
of these behavior patterns (Mazar & Wood, 2018; Wood & Riinger, 2016). The third
principle highlights the interaction between habits, goals, and related dispositions.
Habits develop through repeated context-response learning and are not easily
influenced by current goals or occasional deviations. This gives habits a conservative
nature, limiting their alignment with goals. However, habits and goals can influence
each other. Goals may shape habit formation, while habits can help infer goals.
When habits and goals guide behavior simultaneously, they may compete, leading
habitual responses or intentional actions to take control over behavior. In brief, these
principles suggest that the strength of habit increases with rewarding experiences and
directly affects intention or behavior, without a clear goal, and there may be
competition between deliberate and habitual responses for resources, echoing dual-
process models (Smith & DeCoster, 2000).

Although repetition is a prerequisite for habit formation (Lally et al., 2010;
Schnauber-Stockmann & Naab, 2019), it does not solely account for the strength of a

habit. Habits are distinct from mere frequency; they involve automaticity rather than
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simply repeating actions (LaRose, 2010; Mazar & Wood, 2018). For example, Brijs
et al. (2011) demonstrated that seatbelt usage among Belgian drivers was more
closely associated with the frequency of past behavior than with habitual tendencies,
highlighting the distinction between repeated actions and automatic habits. This
automatic nature of habit is described as the "active ingredient” (Gardner et al.,
2012). In addition to the first and second principles of Wood and Neal (2007),
automaticity is argued to have several characteristics: acting without full awareness
(e.g., mindlessly scrolling through social media), exerting minimal mental effort
(e.g., casually browsing), quick processing (e.g., rapidly reading posts or messages).
However, these features do not always coincide (Mazar & Wood, 2018). Habitual
strength increases as behaviors are performed more automatically. Strong habits are
more likely to be triggered by cues, increasing the frequency of future behaviors
(Mazar & Wood, 2018; Wood & Riinger, 2016).

The most common measurements of habit combine the two characteristics of habit:
frequency of the given behavior and a stable context. These measurements are based
on the assumption that repeated behavior in a stable context turns into a habit.
However, relying on past behavior to measure habit was argued to capture other
factors that do not reflect the habit (Ajzen, 2002). They also fail to capture the most
crucial factor of habit: automaticity. Verplanken and Orbell (2003) developed the
Self-Reported Habit Index to capture the automaticity of habit behavior and self-
identification with the action. This index is designed to account for other hidden
factors that may be inherent in measuring past behavior. At the first development of
the scale, Verplanken and Orbell (2003) designed the scale based on the features of
habit: the history of repetition, difficulty in behavioral control, lack of awareness,
efficiency, and self-identification with the behavior. The original scale did not
include the independence of intention feature of the habit. Later, by the critique of
LaRose (2010), the authors excluded the frequency of past behavior items and added
the lack of intention to act item. The final version of the scale was proven to be
useful in capturing the habitual side of the behaviors in many domains, such as
smoking and drinking (Orbell & Verplanken, 2010), eating and physical activity
behaviors (Gardner et al., 2012), risky driver behaviors (Demir et al., 2023; Lheureux
et al., 2016), etc.
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Unlike deliberate behaviors, habitual behaviors are performed via impulse systems,
where cues trigger pre-learned cue-behavior relationships (Strack & Deustch, 2024).
After the cue-behavior association strengthens, the effect of intention on behavior is
expected to diminish (Mazar & Wood, 2018), resulting in the behavior becoming
completely automatic in the presence of cues. However, some researchers question

whether habitual behaviors are entirely or partly automatic.

Gardner et al. (2016) coined this distinction as habitual execution, where behavior is
performed automatically to completion, and habitual instigation, where cues trigger
impulses toward cued behavior, and unless the impulses are overridden, the behavior
can be initiated. The completion of a behavior in habitual instigation proceeds
through sub-actions, which can be habitual or non-habitual. To exemplify the
distinction, a notification sound from a mobile phone may trigger the checking
behavior. If habitually executed, all sub-actions (e.g., picking up the phone,
unlocking it, reading the message) occur automatically unless interrupted. If
habitually instigated, the notification sound triggers the urge to act, but additional

effort may be required to complete the behavior.

Gardner et al. (2016) demonstrated that habitual instigation is the strongest predictor
of exercise frequency compared to habitual execution. This indicates that the
automatic activation of behavior by cues predicts behavior frequency more
effectively than the automaticity of action sequences required to perform the
behavior. Interestingly, they also discovered that habitual execution strengthens the
relationship between intention and behavior. They concluded that because habitual
execution resembles the skills needed to perform a behavior and its repeated practice,
it likely enhances perceived self-efficacy. This increased self-efficacy may, in turn,
reinforce the effect of intention on behavior (Gardner et al., 2016).

Many researchers have highlighted the habit of mobile phone use and its effects.
Oulasvirta et al. (2012) explored how mobile phone habits are formed. They
identified that checking behavior was the primary source of the formation of a
mobile phone use habit because it is a brief and repetitive behavior that engages the

dynamic content. Moreover, they found that the checking habit is a gateway to other
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applications, leading to browsing other applications on the mobile phone. This
gateway habit of checking mobile phones was also stated as increasing the use of
different applications, especially the most frequently checked ones. This study shows
that habitual mobile phone use is formed more easily than other technological
devices, such as laptops or tablets, due to mobile phones’ availability as a physical

cue across time and context.

Meier et al. (2023) demonstrated that habitual mobile phone use can negatively
impact adolescents, particularly by delaying task completion, such as homework.
Adolescents whose self-control skills are still developing and who are sensitive to
social rewards (Blakemore & Mills, 2014) face challenges in resisting the urge to
check apps like WhatsApp, Snapchat, TikTok, or Instagram while working.
Executing self-control over urges to check the phone becomes difficult (Reinecke &
Meier, 2021).

1.2.3.1. The role of habit in mobile phone-related driver distractions

Even though there is extensive evidence that mobile phone use while driving is
related to one’s intention (e.g., Demir et al., 2023), some studies pointed out the
effect of mobile phone use habits can translate into mobile phone use while driving,
raising the question whether the mobile phone use while driving can be automatic,
also. In one of the first studies on this issue, Bayer and Campbell (2012) found that
young adults who text automatically tend to text more frequently while driving.
These findings highlight the automaticity of mobile phone distraction while driving.
Similarly, Panek et al. (2015) investigated the effect of automaticity and mindfulness
on texting while driving and texting while walking. Automatic testing behavior was
positively associated with the frequency of texting while driving and walking,
whereas the “acting with awareness” facet of mindfulness was negatively associated.
It shows that these behaviors are performed outside of awareness, providing evidence
that the habit plays a role in dangerous texting behavior via its element of “lack of
awareness” (Bargh, 1992; Gardner et al., 2012). Furthermore, Moore and Brown
(2019) also investigated habitual texting behavior, trait self-regulation, trait

mindfulness, and texting while driving. The habitual texting behavior was revealed
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as a mediator factor between trait self-regulation and texting while driving,
indicating that drivers with low self-regulatory capacity are more likely to develop
habitual texting behavior and are more likely to engage in texting while driving.
Moreover, mindfulness moderated the relationship between habituality and texting
while driving, showing that drivers with low trait mindfulness are more likely to text

habitually while driving.

The recent studies focused on habits of general mobile phone use. Hansma et al.
(2020) investigated the impact of habitual strength on mobile phone use while
driving. They found a significant effect of habitual strength on mobile phone
distracted driving after controlling for TPB constructs: attitude, subjective norms,
perceived behavioral control, and self-efficacy. This suggests that mobile phone use
while driving may involve an automatic process beyond rational cognitive processes.
Considering how the automatic process can override or interact with the reasoned
process of mobile phone use while driving, Demir et al. (2023) demonstrated the
pathway of the automatic process. Similar to previous findings, habitual strength
predicts behavior beyond the TPB constructs, indicating that mobile phone use while
driving may not be entirely rational but can be automatic. Moreover, habitual
strength positively affected attitudes, subjective norms, and perceived behavioral
control. This may also suggest that habits contribute to behavior by influencing

reasoned processes, even when the behavior does not appear fully automatic.

These findings highlight the complexity of mobile phone-distracted driving and the
importance of habitual tendencies in mobile phone use while driving in conjunction
with other approaches. Thus, understanding how a given behavior, such as social
media distracted driving, is performed requires a more comprehensive and integrated

approach involving different behavioral theories and approaches.

1.3. Integration of Behavioral Process

Given the similar aim, several studies have adopted an integrative approach
combining the TPB and the PWM. For example, Rivis et al. (2006) studied the
integrative model across health-protective behaviors (exercise, sleep, and having
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breakfast) and health-risk behaviors (drinking, eating fatty food, and smoking).
Adding PWM variables (prototype images and descriptive norms) into the TPB
model increased the explained variance by 5% on average in each of the six health
behaviors. They concluded that PWM variables are also important predictors of
intention. In the following study, Rivis et al. (2011) added the behavioral willingness
factor to the model of TPB to understand younger and older drivers’ drinking and
driving behavior. They concluded that the model explained 59% and 23% of the
variance in younger and older drivers’ willingness to engage in drunk driving,
respectively. They also showed that perceived behavior was a significant predictor of
willingness and subjective norms, which are not proposed in the original PWM
model (Gibbons et al., 1998). These two studies highlighted that integrating two
different behavioral models allowed authors to understand the psychological process
of each given behavior in detail and demonstrate how socio-cognitive factors shape
decision-making, which enables researchers to make explicit assumptions and more

appropriate interventions targeting the given behaviors.

Thus, a similar approach is required for the studies on road safety. Several studies
integrated the constructs of these models to test risky driving behavior. Demir et al.
(2019) utilized each model to examine pedestrian violations. They found that the
integrative model explained an additional 23% variance in violation behavior
compared to standard TPB. They also stated that willingness has better predictive
power on pedestrian violations than intentions, showing violations are more
spontaneous than intentional, further expanding the knowledge of violations. Later,
Wang and Xu (2021) tested young drivers’ willingness and intention to continue
lane-changing behaviors. Similarly, they found that PBC was also a significant
predictor of willingness. PBC has also been shown to be an important indicator of
willingness. Even though self-efficacy was the critical predictor of intention and
behavior in the TPB model (Ajzen et al., 2011), it also triggered spontaneous
decision-making. These studies emphasize the importance of investigating a behavior

with a comprehensive approach to an in-depth understanding of its mechanisms.

As mentioned previously, the behavior cannot be only rational or reactive, but also

automatic. Therefore, adding habitual sides of behaviors into study models allows

23



researchers to capture a more comprehensive side of any given behavior. In the
traditional approach to habit, it was suggested that habits consistently elicit behaviors
by overriding any counter-habitual intentions, as noted in early discussions (Hall &
Fong, 2007). However, studies of habit in health behaviors raised controversial
questions by showing contradicting findings (de Bruijn et al., 2009; Gardner, 2015).
For example, in a dairy study by Quinn et al. (2010), participants reported that they
successfully inhibited unwanted actions performed in a stable context by using
vigilant monitoring of cues and behavior. It shows that habits can be inhibited with

sufficient willpower or self-regulation abilities (Neal et al., 2012).

Gardner (2015), then, suggested that in order to understand habit-related behaviors, a
wide range of paradigms, designs, and methods should be incorporated into the
habitual formation of behavior, based on the idea that since habit is a process by
which stimulus (or context) generates impulses toward a cue-learned behavior. This
process can be compete or combined with other impulses or inhibitions arising from
other sources. Therefore, it can be concluded that even highly habitual behaviors can
shift to rational control if interrupted by other forces in some conditions. Integrating
habit into rational behavioral models, such as the Theory of Planned Behavior (TPB)
and the Prototype Willingness Model (PWM), is likely to provide evidence of a shift

in control from an automatic process to a rational one.

Two studies incorporating the habitual strength of mobile use while driving within
TPB models suggest that habitual strength can interact with reasoned processes to
predict mobile phone use while driving, eliminating the predictive power of other
constructs (Hansma et al., 2020; Demir et al., 2023). However, these studies had
some limitations in their approach. Hansma et al. (2020) examined the effect of
habitual strength on mobile phone use while driving, controlling for the constructs of
the Theory of Planned Behavior (TPB), except for the intention. They did not show
any findings related to the effect of habit on other constructs. Also, the lack of
intention in the analysis raises the question of whether the reported effect of habit on
mobile phone use while driving was indeed independent of intention. Demir et al.
(2020) addressed the first limitation by demonstrating the effect of habit on TPB
constructs, revealing that habit predicts behavior both directly and indirectly through
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attitude, subjective norms, and perceived behavioral control. However, they also did
not include the intention factor in their study, which still leaves the second question
of habits’ independence of intention unanswered. To suggest that mobile phone use
while driving is not always an intentional behavior, the effect of habit on intention
should be considered in the context of integrating habit into the complete TPB
model.

Even though habit and willingness are distinct concepts, the former involves
automatic, cue-triggered impulses to act (Gardner, 2015), while the latter refers to
spontaneous reactions to specific conditions (Strack et al., 2004); both share the
element of reactivity. The habits’ negative effect on the inability to delay
gratification and control impulses (Wilmer & Chein, 2016) and the positive
relationship between impulsivity (Yeomans et al., 2023) may influence people’s
reactive behaviors in specific conditions, particularly those similar to where habits
are formed. Ohtomo (2013) presented supportive findings that unhealthy eating
habits directly affect people’s willingness and behavior, but their intention. They
suggest that habitual strength changes the action control process. The strong habitual
tendencies of unhealthy eating may inhibit intentional control, leading people to
behave automatically or reactively in response to certain conditions. However, health
studies also present some controversial findings. Ohtomo and Kimura (2022) stated
that habitual preventive behavior in response to COVID-19 is not related to
behavioral willingness but intention. This study measured the willingness to engage
in counter-preventive behaviors and the habitual strength and intention to engage in
preventive behaviors. Thus, the results cannot state that habitual strength is not
related to willingness; however, it may indicate that habitual strength of behavior

does not predict counter-behavior inhibition.

Studies integrating willingness and habitual strength have not been conducted in the
domain of road safety. Within the scope of the current study, it is assumed that the
habitual strength of social media use may be related to the willingness to engage in it
while driving. The highly habitual nature of social media use (Meier et al., 2023;
Turel & Serenko, 2017) may be pervasive, reflected in people’s tendency to behave

in specific conditions. For example, the sound of a notification or feeling bored may
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trigger the impulse to engage with the most frequently used (or rewarding) social
media application while driving. People would like to act upon these impulses in less
risky traffic situations.

1.4. The Present Study
The present study aims to investigate what extent SMDD is rational, reactive, and

habitual by exploring each process separately and within an integrated framework
(see Figure 3).

Attitude N

Habitual Strength

Willingness

Figure 3. The visual representation of the integrated model

To achieve this aim, the study incorporates three theoretical frameworks in
explaining SMDD: (1) the Theory of Planned Behavior (TPB) to examine the
reasoned process, (2) the Prototype Willingness Model (PWM) to capture the
reactive process, and (3) habitual strength as a measure of automatic and non-

deliberative engagement in SMDD.
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CHAPTER 2

METHOD

2.1. Participants & Procedure

A total of 673 individuals completed the survey. After the data were assessed for
accuracy and completeness, 257 participants were excluded due to incomplete
responses or inaccurate data entries. The final analysis included data from 416
participants. The average age of the participants was 31.9 years (SD = 10.9). Gender
distribution was nearly equal, with 49% female (N = 204) and 51% male (N = 212)
participants. Most participants reported driving almost daily (N = 199; 47.8%). The
majority indicated they had not been involved in active accidents (63%) or passive
accidents (72.6%). Thirty-nine percent of participants reported using their mobile
phone 3-5 hours daily. Half of the participants (N = 208) reported spending 1-3
hours on social media, while 24.5% (N = 102) reported spending 3-5 hours daily.

The study's ethical approval was obtained from the Ethics Committee of the Middle
East Technical University. Participants were recruited through an online survey link,
social media platforms, and the SONA system, a platform used by the Psychology
Department at Middle East Technical University, which offers students bonus course

credits for participation.

Participants provided informed consent prior to commencing the study. They then
completed a questionnaire package, which included a demographic information form,
a measure of habitual strength for social media use, the frequency of social media use
while driving, and constructs from the Theory of Planned Behavior (TPB) and
Prototype Willingness Model (PWM): attitudes, subjective norms, perceived

behavioral control, prototype similarity, prototype favorability, intention and
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willingness regarding social media use while driving. After completing the
questionnaire, participants received a debriefing form.

2.2. Measures

2.2.1. TPB and PWM Constructs

2.2.1.1. Attitudes:

According to Robinson et al. (1991), attitude items should be designed to reflect the
meaning and content of the concept being measured. Therefore, we selected five
semantic differential items that align with attitudes toward social media use while
driving. Participants rated their attitudes toward using social media and checking
notifications while driving on a 5-point Likert scale using the following adjective
pairs: 'dangerous to beneficial,' 'non-distracting to distracting," ‘boring to exciting,’
'stressful to relaxing,’ and 'annoying to enjoyable." The scale demonstrated strong
reliability (Cronbach’s alpha = .89)." (see Appendix F)

2.2.1.2. Subjective norms:

Subjective norms were measured using four items that captured descriptive and
injunctive norms (Nemme & White, 2010). For descriptive norms, participants
responded to statements such as, “The majority of people important to me use social
media apps while driving” and “The majority of people important to me check social
media notifications while driving.” Injunctive norms were measured with items like,
“The majority of people important to me approve/accept my checking social media
notifications while driving” and “The majority of people important to me
approve/accept my using social media apps while driving.” A mean score of the four

items was calculated, with good reliability (Cronbach’s alpha = .85) (see Appendix F).

2.2.1.3. Perceived behavioral control (PBC):

PBC was assessed using four items, such as “Browsing social media while driving is

easy for me,” “Checking social media notifications while driving is easy for me,”
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(Demir et al., 2019) and “Whether or not checking social media notifications while
driving is up to me” and “Whether or not I browse social media while driving is up to
me.” (Nemme & White, 2010) The scale’s reliability was satisfactory (Cronbach’s
alpha = .76) (see Appendix F).

2.2.1.4. Intention:

Participants’ intention to use social media while driving was measured with two
items (Nemme & White, 2010): “Within the next month, I plan to check social media
notifications while driving when I see a notification” and “Within the next month, I
plan to browse social media while driving.” The reliability was acceptable

(Cronbach’s alpha = .71) (see Appendix F).

2.2.1.5. Prototype similarity and favorability:

Participants were instructed to think of an image of a typical person who scrolls
through social media apps while driving or checks their phone when they see a
notification from social media apps while driving. Prototype similarity was measured
using items such as “The typical person who browses social media while driving is
very similar to me” and “The typical person who checks social media notifications
while driving is very similar to me,” rated on a 7-point Likert scale. The reliability

was satisfactory (Cronbach’s alpha = .78) (see Appendix F).

Prototype favorability was assessed using items like “I favor typical people who
browse social media apps while driving” and “I favor typical people who check
social media notifications while driving,” which were also rated on a 7-point Likert

scale. Reliability was strong (Cronbach’s alpha = .80) (see Appendix F).

2.2.1.6. Willingness:

Willingness was assessed with two items. In line with the previous studies in other
domains (Gerrard et al., 2008), the items were constructed to measure participants’

willingness to engage in SMDD when confronted by situations that provide an
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opportunity or encouragement to do so. Participants rated their willingness to browse
social media or check notifications while driving under specific conditions. Items
included, “If I see an interesting or important notification while driving on a calm
road, | would want to check it by opening the app,” and “If I am very bored in slow-
moving traffic, I would want to browse social media apps.” Responses were rated on
a 7-point Likert scale, with acceptable reliability (Cronbach’s alpha = .73) (see
Appendix F).

2.2.2. Self-Reported Habitual Strength Index (SRHI):

The Self-reported Habitual Strength Index (SRHI) was used to assess people’s
habitual tendencies toward general social media use. Consistent with the definition of
SMDD, the habitual strength of overall social media use was evaluated through two
dimensions: browsing content within social media apps and checking notifications in
response to alerts. 10 items including statements such as “Spending time on social
media apps by picking up my phone is something I do automatically” or “Picking up
my phone to check notifications is something | do automatically” was measured on a
7-point Likert-type scale ranging from 1 (strongly disagree) to 7 (strongly agree).

The researcher and the dissertation advisor carried out the Turkish adaptation of the
scale. After the translation, a researcher from the Psychology department, an
engineer, and a person with no higher education were asked to complete the
translated measures and provide feedback on the clarity and comprehensibility of the
items. Based on their feedback, the researcher and the dissertation advisor finalized
the measurement. The scale's reliability was satisfactory (Cronbach’s alpha was .95)

(see Appendix F).

2.2.3. Frequency of SMDD:

To assess the frequency of social media use while driving (SMDD), participants
answered two questions: “How often do you pick up your phone to spend time on
social media apps while driving?” and “How often do you pick up your phone to

check notifications while driving?” Responses were rated on a 5-point Likert scale
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ranging from 1 (never) to 5 (always). Reliability was acceptable (Cronbach’s alpha =

.76) (see Appendix F).

2.2.4. Demographic Information Form:

Participants provided demographic details, including age, gender, frequency of
driving, years of licensure, kilometers driven in the past year, and the number of
active and passive accidents, traffic tickets received, and daily usage frequency of
mobile phones and social media. The driving frequency was measured using a 5-
point scale, ranging from 1 (almost every day) to 5 (rarely). The frequency of mobile
phone and social media use per day was measured with a 5-point scale, from 1 (less

than 1 hour) to 5 (more than 7 hours) (see Appendix F).
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CHAPTER 3

RESULTS

3.1. Data Analytics Plan

Before analyzing the data, the dataset was organized and cleaned. The string
variables, such as age, annual kilometers, lifetime kilometers, number of accidents
and tickets, etc., are converted to numerical format. After cleaning the data, the
factors are computed. This procedure was. Factor analysis, bivariate correlational
analysis, and hierarchical regression were done in SPSS version 23. The path
analyses were conducted using the respective modules of JAMOVI version 2.3. (The
jamovi project, 2022). Some variables exhibited some skewness and kurtosis,
whereas the majority did not. Based on the central limit theorem (Gravetter &
Wallnau, 2009), a large number of samples produces appropriate standard error
estimates. Thus, assuming normality while conducting statistical tests was
reasonable. All variables were transformed into standardized z-scores to control for

the effect of different scaling.

The factor structure of the Turkish translation of the SRHI was examined to
determine whether the translated version aligned with the original factor structure.
Second, bivariate correlational analyses were conducted to understand the
characteristics of the sample population. Then, hierarchical regression analysis was

conducted to test the relationship between habitual strength and SMDD.

Lastly, aseries of path analyses was conducted to explore SMDD by utilizing models of
TPB and PWM and a model integrating them with habitual strength. Model fits were
evaluated by the values of the chi-square test, root-mean-square error of approximation
(RMSEA), comparative fit index (CFI), and Tucker-Lewis Index (TLI).
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3.2. The Factor Analysis

A Principal Axis Factoring (PAF) analysis examined the SRHI's underlying
structure. Before conducting the factor analysis, the suitability of the data for
factorization was assessed. The Kaiser-Meyer-Olkin (KMO) measure of sampling
adequacy was .934, indicating excellent sampling adequacy. Additionally, Bartlett’s
test of sphericity was significant (y*(190) = 7677.63, p < .001), supporting the

factorability of the correlation matrix.

Four eigenvalues greater than one were observed: 11.04, 2.00, 1.5, and 1.1. However,
the sharp drop in the sizes of eigenvalues and the scree plot clearly supported the
one-factor structure. Thus, the one-factor structure was fixed to analyze the factor
structure further, namely, the habitual strength. The habitual strength explained
55.2% of the variance. The factor loadings ranged from .63 to .84. The highest
loaded item was “Picking up my phone to check notifications is something | do
without realizing.” The lowest loaded item was “Spending time on social media apps
by picking up my phone is something that belongs to my routine.” The factor had
high reliability (0=.96) (see Table 1.).

Overall, these results confirm that the scale demonstrates a strong unidimensional
structure and matches the original scale in which an explained variance ranges
between 47.32% and 65.56% (Verplanken & Orbell, 2003). It also has high internal
consistency and factor loadings, making it a reliable instrument for assessing
automatic and habitual aspects of mobile phone-based social media engagement in

the Turkish population.

Table 1. Factor Loadings from the principal axis factoring (PAF) for one-factor

structure for the SRHI
Habitual
Items
Strength
Checking notifications from social media apps on my phone is 0.84

something I do without even realizing it.
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Table 1. (continued)

Checking notifications from social media apps on my phone is
something I do without even realizing when | picked up my phone.
Checking notifications from social media apps on my phone is
something I do without meaning to do it.

Checking notifications from social media apps on my phone is
something I do without thinking.

Checking notifications from social media apps on my phone is
something I do without having to consciously remember.

Browsing social media apps on my phone is something | do without
having to consciously remember when | picked up my phone and
opened the apps.

Browsing social media apps on my phone is something I do without
thinking.

Browsing social media apps on my phone is something | do without
even realizing it

Browsing social media apps on my phone is something that is typically
“me’

Checking notifications from social media apps on my phone is
something that I would find hard not to do.

Checking notifications from social media apps on my phone is
something that would require effort not to do it.

Checking notifications from social media apps on my phone is
something that is typically ‘‘me’’.

Browsing social media apps on my phone is something I have no need
to think about doing.

Browsing social media apps on my phone is something | do without
meaning to do it.

Checking notifications from social media apps on my phone is
something I do automatically.

Browsing social media apps on my phone is something that I would
find hard not to do.
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Table 1. (continued)

Browsing social media apps on my phone is something I do 0.65
automatically.

Browsing social media apps on my phone is something that would 0.65
require effort not to do it.

Checking notifications from social media apps on my phone is 0.65
something that belongs to my daily routine.

Browsing social media apps on my phone is something that belongs to 0.64

my daily routine.

Eigenvalues 11.04
% of Variance 55.18
Cronbach’s Alpha 0.96

3.3. Bivariate Correlation Analysis

Bivariate correlation analysis among SMDD, habitual strength of social media use,
the constructs of TPB and PWM, and demographic variables, e.g., age, gender,
duration of license ownership, mileage in past year, and daily frequency of social

media use.

The results showed that SMDD has a significant and positive correlation with all
TPB and PWM constructs and habitual strength (habitual strength, r = .19; attitude, r
= .40; subjective norms, r = .33; perceived behavioral control, r = .49; prototype
similarity, r = .43; prototype favorability, r = .45; intention, r = .76; willingness, r =
.59). Of demographic variables, mileage in the past year (r = -.16) and of daily social

media use (r =.13)

A similar result was found for intention. Of demographic variables, mileage in the
past year was found to be positively correlated with intention to engage in SMDD (r
= .12). Other study constructs were also significantly and positively related to
intention (habitual strength, r = .21; attitude, r = .44; subjective norms, r = .42;
perceived behavioral control, r = .52; prototype similarity, r = .51; prototype

favorability, r = .52; willingness, r = .64).
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Table 2. Bivariate Correlations between Study Variables

1 2 3 4 5 6 8 9 10 11 12 13 14 15
1. Age 1
2. Gender .098* 1
3. Licence Year .943** 124* 1
4. 1-year Mileage A57** .259** .164** 1
5. Lifetime Mileage 393** 477 436%*F  437F* 1
6. Daily Social Media Use _209%* _212%* _209%* _123* _105* 1
8. SMDD -.061 .090 -.007 .158** -.027 128** 1
9. Intention —.047 .069 .014 115* .016 100*  .759** 1
10. Willingness -.123* .026 -.077 .037 -.059 086  .594**  637** 1
11. Habitual Strength —260** —202** —261** —212** _135** 373** 189** 209** .236** 1
12. Attitude -.120* .069 —-.083 —-.043 -121* .009 405**%  438**  517**  165** 1
13. PBC 011 156** 074 .030 .004 102*  .487*%*  520*%*  495** .090 .399** 1
14. Subjective Norms .094 -.061 .094 —-.024 —.006 .053 330**  A417**  354*%*  131**  216** .297** 1
15.Prototype Similarity -.013 .039 .025 .062 .002 A18*  433**F  B507**  424**  191** . 286** .459** .380** 1
16. Prototype Favorability —.042 077 .017 137+ .059 .045 AATF*R - B24** 371F* .053 222%*%  A443%*%  396**  .624**

Note. * p < .05, ** p < .01, *** p < .001 (2-tailed). For Gender; Male:1 and Female:2



Willingness, on the other hand, showed a significant correlation with age (r = -.12),
indicating that as drivers age, they exhibit less willingness to engage in SMDD.
Other constructs showed similar results. Willingness was significantly and positively
correlated to habitual strength (r = .24), attitude (r = .52), subjective norms (r = .35),
perceived behavioral control (r = .50), prototype similarity (r = .42), and prototype
favorability (r = .37) (see Table 2).

3.4. Hierarchical Regression Analysis

A hierarchical regression analysis was conducted to investigate whether habitual
strength predicts SMDD, which indicates the degree to which SMDD is habitual
(automatic). Age, gender, duration of license ownership, mileage in the past year,
and daily social media use were included in the first step of the models to control for
their effects on the SMDD. As shown in Table 3, age, gender, duration of license
ownership, mileage in the past year, and daily social media use were included in the
first step of the model. In the second step, the habitual strength of social media use
was added to the model. The first step explained 7.7% of the variance in SMDD (F
(5, 410)= 6.87, p<.001). Age (5 = -.46, SE = .01, t = -3.25, p =.001, 95%CI [-0.05, -
0.01]), duration of license ownership (# = 0.43, SE = .01, t = 2.99, p = .003, 95% ClI
[0.01, 0.05]), milage in past year (5 = 0.19 SE = 2.700x10°¢, t = 3.25, p = .001, 95%
Cl [3.707x10°¢, 1.429x107%]), daily social media use (# = 0.16, SE = .04, t= 3.13,
p=.002, 95%CI [0.05, 0.21]) were found significantly related to SMDD. The second
step explained the 11.4% variance in SMDD (F (6, 409) = 7.33, p < .001) and
showed that habitual strength has a function in increasing SMDD (5 = .21, SE = .03, t
=4.11, p <.001, 95% CI [.06, .17]). This finding suggests that drivers may engage in
SMDD to some degree automatically.

3.5. Path Analyses

Three path analyses were conducted using the SEM module of JAMOVI (Version
2.3) (Jamovi Project, 2022). The TPB model was tested to explain the SMDD in the
first model. In the second model, the function of PWM on SMDD was tested. In the
last model, habitual strength was utilized as an exogenous variable in an integrated
TPB and PWM.
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Table 3. Hierarchical Regression Analysis for the Relationship between Habitual Strength and SMDD

95% CI for B

R? F for change in R? B SE B t p Low High
Step 1 077 6.87***
Constant 1.74 0.27 6.45 <.001 1.21 2.27
Age -0.03 0.01 -0.46  -3.25 .001 -0.05 -0.01
Gender 0.11 0.07 0.07 1.46 .145 -0.04 0.25
License Ownership (year) 0.03 0.01 0.43 2.99 .003 0.01 0.05
Mileage in past year 8.999x107° 2.700x107° 0.16 3.25 .001 3.707x107° 1.429x10°
Daily Social Media Use 0.13 0.04 0.16 3.13 .002 0.05 0.21
Step 2 114 16.88***
Constant 1.28 0.29 448  <.001 0.72 1.85
Age -0.03 0.01 -0.44  -3.16 .002 -0.05 -0.01
gender 0.14 0.07 0.09 1.86 .064 -0.01 0.28
Duration of License Ownership 0.03 0.01 0.44 3.15 .002 0.01 0.05
Mileage in Past Year 1.049x10-° 2.700x107°¢ 0.19 3.83 <.001 5.198x107¢ 1.578x107°
Daily Social Media Use 0.07 0.04 0.09 1.76 .079 -0.01 0.16
Habitual Strength 0.11 0.03 0.21 411 <.001 0.06 0.17




3.5.1. Model 1: The role of the theory of planned behavior in explaining social
media distracted driving

In the first model, the TPB model was utilized to understand SMDD. The model
demonstrated a good fit to the data (¥?/df = 3.35/2, RMSEA = .040, CFI = .998, TLI
=.990, GFI = .997). The explained variances in intention and SMDD behavior were
39.6% and 58.8%, respectively (see Table 4 in Appendix A).

According to the results, the TPB model was confirmed in SMDD behavior. SMDD
was predicted by intention (8 = .694, SE = .041, p < .001, 95% CI [.613, .774]) and
perceived behavioral control (8 = .126, SE = .035, p < .001, 95% CI [.057, .195]).
Intention was predicted by attitude (8 = .244, SE= .057, p < .001, 95% CI [.132,
.356]), subjective norms (f = .262, SE = .043, p < .001, 95% CI [.175, .348]), and
perceived behavioral control (8 = .345, SE = .046, p < .001, 95% CI [.254, .435])
(see Figure 4).

The indirect effect of TPB constructs on SMDD was observed in parallel to the
theoretical background. The highest indirect effect through intention was the effect
of perceived behavioral control on SMDD (f = .239, SE = .036, p < .001, 95% CI
[.118, .245]) (for all direct and indirect effects, see Table 5 in Appendix B).

Attitude

24+

Subjective Norms 26%** Intention B9*** SMDD

347
.1 3***

Perceived Behavioral
Control

*p<.05, **p<.01, ***p<.001

Figure 4. The TPB model for social media distracted driving
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3.5.2. Model 2: The role of the prototype willingness model in explaining social
media distracted driving

The second model utilized PWM to investigate the SMDD. The original model did
not initially provide a good fit to the data (y*/df = 77.7/7, RMSEA = .156, CFI = .94,
TLI = .82, GFI = .95). Based on suggested modification indices, some paths were
added to the model, considering their theoretical relevance such as a path from
prototype perceptions to intention. After these modifications, the model fit the data
well (y?/df = 4.20/4, RMSEA = .011, CFI = 1.00, TLI = 0.999, GFI = .997). The
model explained 53.5% of the variance in intention, 38.2% in willingness, and 59.7%
in SMDD behavior (see Table 4 in Appendix A).

Attitude
A2+
Intention
A1

Subjective Norms
64**
23*

\ SMDD

\ 40**
40

2%
Prototype Similarity 15%* 19
\___ /
18+
Willingness
A1

Prototype Favorability /

*p<.05, **p<.01, ***p<.001
Figure 5. The PWM for social media distracted driving

The paths suggested by the theory revealed significant results. SMDD was
predicted by willingness (f = .18, SE= .041, p < .001, 95% CI [.104, .267]) and
intention (# = .64, SE= .048, p< .001, 95% CI [.735, .641]). Furthermore, intention
was predicted by attitude (# = .12, SE= .045, p= .006, 95% CI [.035, .213]),
subjective norms (f = .11, SE = .037, p = .003, 95% CI [.039, .188]) and willingness
(6 = .39, SE = .055, p <.001, 95% CI [.287, .507]). Willingness was predicted by
attitude (8 = .40, SE=.063, p < .001, 95% CI [.283, .532]), prototype similarity (5 =
.18, SE = .053, p <.001, 95% CI [.077, .289]), and marginally predicted by prototype
favorability (8 = .10, SE = .053, p = .051, 95% CI [.00, .211]). Among the modified
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paths, subjective norms predicted willingness (# = .15, SE = .046, p < .001, 95% ClI
[.064, .245]), prototype favorability predicted intention (8 = .23, SE = .058, p <.001,
95% CI [.117, .345]) and prototype similarity (5 = .11, SE = .056, p < .001, 95% ClI
[.005, .226]) (see Figure 5). According to the indirect effects, the highest value was
observed in the relationship between willingness and SMDD with a mediation of
intention (5 = .313, SE = .042, p < .001, 95% CI [.231, .395]) (for all direct and
indirect effects, see Table 6 in Appendix C).

3.5.3. Model 3: The integrated model of habitual strength, theory of planned
behavior and prototype willingness model to explore social media distracted

driving

The final model incorporated all the paths examined in Model 1 and Model 2, along
with additional paths and habitual strength as an exogenous variable. The initial
model did not provide an adequate fit to the data (y*/df = 28.5/5, RMSEA = 0.106,
CFl = 0.984, TLI = 0.883, GFI = 0.984). To improve the model’s goodness of fit,
modification indices were reviewed, and a path from perceived behavioral control to
willingness was added. The modified model showed a better fit to the data (y*/df =
2.19/4, RMSEA = .000, CFI = 1.00, TLI = 1.01, GFI = .999). The explained
variances in intention, willingness, and SMDD behavior were 54.8%, 43.1%, and

60.3%, respectively (see Table 4 in Appendix A).

The habitual strength significantly predicted attitude (# = .165, SE = .051, p < .001,
95% CI [.063, .266]), subjective norms (# = .130, SE=.046, p = .005, 95% CI [.040,
.221]), prototype similarity (# = .191, SE =.051, p < .001, 95% CI [.089, .292]), and
willingness (8 =.119, SE = .038, p =.002, 95% CI [.044, .194]).

The relationship between other constructs was similar to previous results. Intention
was predicted by attitude (6 = .097, SE= .042, p = .022, 95% CI [.014, .181]),
subjective norms (f = .107, SE = .037, p = .004, 95% CI [.034, .179]), perceived
behavioral control (8 = .137, SE = .042, p < .001, 95% CI [.054, .219]), prototype
favorability (8 = .213, SE = .056, p<.001, 95% CI [.103, .324]), and willingness (# =
352, SE = .054, p < .001, 95% CI [.247, .458]). Willingness was predicted by
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attitude (8 = .329, SE = .062, p < .001, 95% CI [.206, .452]), subjective norms (5 =
128, SE = .045, p=.004, 95% CI [.040, .217]), perceived behavioral control (5 =
234, SE = .051, p<.001, 95% CI [.134, .334]), and prototype similarity (8 = .106, SE
=.051, p =.039, 95% CI [.005, .207]) (see Figure 7).

In addition to direct effects, the analysis revealed several indirect effects of habitual
strength on SMDD. The highest indirect effect of habitual strength on SMDD was
thorough willingness and intention (4 = .026, SE = .010, p = .007, 95% CI [.007,
.044]) and thorough willingness (4 = .019, SE =.007, p = .011, 95% CI [.004, .033])
(for all direct and indirect effects, see Table 7 in Appendix D).
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Figure 6. The integrated model for social media distracted driving
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CHAPTER 4

DISCUSSION

4.1. General Discussion

Due to its increasing frequency and popularity, using social media while driving has
become increasingly noticeable (RAC, 2024). While it offers many advantages in
daily life, it has also introduced new concerns. One such concern has emerged in the
domain of driver safety, where an increasing number of drivers are engaging in
social media while driving. In the current study, this issue is referred to as social
media distracted driving (SMDD).

Previous research has shown that SMDD is common and negatively impacts driver
performance (D’amico et al., 2020; Hashhash et al., 2019). Given its prevalence and
harmful impact on safe driving, it is crucial to develop effective prevention methods.
To create effective interventions, the underlying factors and processes should be
explored. However, there is a lack of explanation for why and how people engage in
this distracting activity while driving. To address this gap in the literature, the present
study seeks to explore the processes underlying SMDD. Specifically, it investigates
the extent to which SMDD is driven by reasoned, reactive, or habitual (automatic)
processes, as well as how these behavioral pathways interact. The findings offer
critical insights for developing more effective regulations and interventions that aim

to reduce SMDD by targeting its underlying cognitive and psychological factors.

The reasoned process of SMDD was tested using the Theory of Planned Behavior
model (Ajzen, 1991). The reactive process was modeled with the Prototype
Willingness Model (Gibbons et al., 1998). The relationship between habitual strength
of social media use (Verplanken & Orbell, 2003) and SMDD provided insight into
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the extent of the habitual (automatic) side of the behavior. To address the integration
of each behavioral process, the habitual strength, the Theory of Planned Behavior,

and the Prototype Willingness Model were integrated within a comprehensive model.

4.2. Factor Structure of Self-Reported Habitual Index

Principal Axis Factoring analysis was utilized to examine the factor structure of the
Self-Reported Habitual Strength Index (SRHI). In line with the definition of SMDD,
the habitual strength of general social media use was assessed in terms of two
components: engaging with content by browsing social media apps and responding to
alerts by checking notifications from social media apps. A similar approach was
taken in previous studies investigating mobile phone use while driving (Hansma et
al., 2020; Demir et al., 2023). The findings strongly support the one-factor structure
of habitual social media use, as measured by the Self-Reported Habit Index (SRHI).
It was revealed that although four eigenvalues exceeded one, the significant drop
from 11.04 to 2.00 after the first eigenvalue, coupled with the interpretability of the
factor structure, clearly justified a one-factor solution. This aligns with the original
conceptualization by Verplanken and Orbell (2003), who proposed that habit strength
is understood as a unidimensional construct. The high internal consistency (a = .96),
substantial explained variance (55.2%), and meaningful factor loadings (ranging

from .64 to .84) indicated that the scale reliably captures habitual social media use.

The items with the highest loading highlight the automaticity of social media use,
such as checking the notifications by picking up the phone is something | do without
realizing, or checking the notifications by picking up the phone is something | do not
need to remember doing. This indicates that SRHI highly reflects automaticity in
social media use, as suggested by Verplanken and Orbell (2010).

4.3. Bivariate Correlations among Study Variables

According to the results, individuals who use social media more frequently were
found to engage more in SMDD. This pattern suggests that frequent social media use

may foster a sense of familiarity with the platforms, increasing the likelihood of such
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behaviors extending into other contexts, such as driving. On the other hand, drivers’
mileage in the past year was positively associated with SMDD, whereas drivers’
lifetime mileage was not significantly related. Thus, the former relationship cannot
be fully explained by experience. This contradiction may result from the fact that
mileage in the last year shows active driving, rather than experience (Kaneko &
Kagawa, 2021). The active drivers are more prone to engage in SMDD. Considering
predictors of SMDD, it was positively associated with attitude, subjective norms,
perceived behavioral control, prototype perception, intention, and willingness.
Specifically, individuals who held favorable attitudes toward SMDD, perceived
social approval, and high prevalence of the behavior, believed in their ability to
control it, identified with the typical person who engages in SMDD, and expressed
both intention and willingness to perform the behavior were more likely to report
SMDD engagement. These findings align with the assumptions of TPB (Ajzen et al.,
2001) and PWM (Gibbons et al., 1998), indicating the relationships between the
frequency of SMDD and its reasoned and reactive behavioral processes. In detail,
intention was the strongest correlate of SMDD. According to TPB, intention is the
most proximal predictor of behavior, which supports the view that SMDD may often
be a rational and deliberate act. Willingness showed the second strongest correlation,
followed by other constructs with relatively similar effect sizes, reflecting TPB and
PWM pathways. Notably, habitual strength had the weakest yet still significant
correlation with SMDD, suggesting that the habitual (automatic) component of the

behavior might be less dominant compared to other processes.

Considering intention and willingness, the correlation pattern was similar to that of
SMDD, which was expected given the strong association between these two
variables. Interestingly, willingness was negatively correlated only with age among
the demographic variables, suggesting that younger drivers are more prone to engage
in SMDD under specific conditions and may be more susceptible to situational
temptations. It indicates that SMDD, like other health-risk behaviors, may have a

significant nonintentional component for young individuals (Gibbons et al., 1998)

Finally, habitual strength was significantly related to all demographic variables,

particularly being female and younger, and using social media longer in a day was
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related to higher habitual strength of social media use. Moreover, habitual tendencies
were positively associated with SMDD-related intentions and willingness, favorable
attitudes, perceived social approval, and identification with typical SMDD users.
These findings suggest that habitual use of social media may shape individuals’
cognitive evaluations of SMDD, potentially lowering psychological barriers to
performing the behavior in high-risk contexts, such as driving.

4.4. The Relationship between Habitual Social Media Use and SMDD

The extent to which SMDD functions as an automatic (habitual) behavior was
examined by assessing its relationship with the habitual strength of social media use.
The findings shows that the higher habitual tendencies can lead to higher
engagement in social media while driving after controlling age, gender, experience
and daily social media use. These results highlight the habitual (automatic) aspect of
SMDD, which, in line with previous studies, suggests that mobile phone use while
driving may be automatic to some degree (Demir et al., 2023; Hansma et al., 2020).
In other words, SMDD can manifest cognitively with minimal effort, irrespective of
intentions, deliberate control, or conscious awareness (Gardner et al., 2012). To note
that, the significant relationship after controlling for duration of daily social media
use shows that SMDD was more related to habitual strength than repetition or
familiarity with the behavior. This finding aligns with the idea that the habits are
independent of the repetition; they are more representative of automaticity (LaRose,
2010; Mazar & Wood, 2018).

4.5. The Reasoned Process of SMDD

A path analysis was conducted to test TPB model in explaining the reasoned
behavioral process of SMDD. According to the results, the TPB explained 58.8% of
the variance in SMDD. Attitude, subjective norms, and perceived behavioral control
were significant predictors of the intention to engage in SMDD, whereas intention
and perceived behavioral control were significant predictors of SMDD. The results
were in line with the previous studies on TPB (e.g., Okati-Aliabad et al, 2024,

Nemme & White, 2010; Demir et al., 2023). Among these constructs, intention was
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seen as having the highest predictive value in SMDD, whereas perceived behavioral
control emerged as one of the most critical factors in predicting SMDD, considering
both direct and indirect effects. These findings indicate that the intention to engage in
SMDD is highly likely to turn into actual action, whereas having self-efficacy beliefs
and perceived ease of behavior increases the probability of one’s engagement in
SMDD. If a driver perceives that they can successfully manage both social media use
and driving, they are more likely to engage in SMDD. High self-efficacy and
perceived ease may lead to overconfidence in multitasking abilities, even though
human cognitive resources are limited, particularly in complex and high-risk

environments, such as driving (Strayer & Drews, 2007).

In line with the TPB (Ajzen, 2012), favorable attitudes toward SMDD, as well as its
perceived approval and acceptance, also increased the drivers’ intention to engage in
SMDD. As social media becomes an inseparable part of daily life, it is reasonable to
expect an increase in the value attributed to it and its growing acceptance across
various domains. Moreover, given that individuals frequently engage with social
media applications in their daily routines, it is logical to assume that they may
develop confidence in their ability to perform this behavior successfully in different
contexts. Consequently, drivers’ intention to use social media will extend to complex

and high-risk environments, such as traffic.

4.6. The Reactive Process of SMDD

The PWM model has been proven to be a valuable tool for explaining SMDD. The
model explained 59.7% of the variance in SMDD. Across all constructs, the intention
was again revealed as the most important factor for SMDD. According to PWM, the
reasoned pathway operates when individuals deliberately plan and decide to engage
in a behavior. It is indicated that SMDD is mainly intentional, meaning that
individuals engage in it with conscious awareness rather than being impulsively
drawn into it by situational or social influences. The reactive pathway in PWM
explains behaviors that occur spontaneously, without premeditation, often in

response to social or contextual cues (Gibbons & Gerrard, 1995). Since intention was
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the strongest determinant of SMDD, this suggests that reactive influences (e.g., peer
influence, spontaneous urges) play a less dominant role in this context.

The findings suggest that while willingness has a significant but relatively low direct
effect on SMDD, its strong influence on intention indicates that situational cues and
spontaneous inclinations play a crucial role in shaping rational engagement in
SMDD. This aligns with the dual-process nature of the Prototype-Willingness Model
(PWM) (Gibbons et al., 1998), which posits that behaviors can emerge from both
reasoned and reactive pathways. In this case, willingness may act as a catalyst for
forming an intention. The reasoned process behind SMDD is not entirely separated
from reactive influences. Instead, situational cues such as phone notifications, spare
time in traffic, or observing others using social media while driving may trigger a

reactive willingness to engage in the behavior.

These results can contradict Walsh and White's (2006) proposal that mobile phone
use is generally more spontaneous than planned behavior. However, the evolution of
mobile phone technology and its increasing integration into daily life since 2007 may
explain this contradiction. Earlier, mobile phone use could primarily revolve around
reactive behaviors, such as answering incoming calls or replying to messages. In
contrast, the expansion of mobile phone functionalities, such as social media
browsing, entertainment apps, etc., might have transformed phone use into a more
intentional and goal-directed activity, even while driving. These changes suggest that
drivers no longer engage with their phones solely in response to external cues but
also as a deliberate means of filling free time, reducing boredom, or maintaining

social connection.

Similarly, previous studies on risky driving behaviors have emphasized that reactive
processes dominate over intentional processes (Demir et al., 2020; Elliott et al.,
2017), which contradicts the current findings. This discrepancy may stem from the
fact that SMDD is a secondary task in driving, whereas behaviors such as speeding
or (not) following traffic rules are primary driving tasks. External conditions can
often trigger primary tasks; for example, a driver may speed in response to traffic

congestion or time pressure. In contrast, secondary tasks like SMDD are more likely
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to be performed when a driver has a prior intention or underlying cognitive

predispositions that shape this intention.

Considering intention and willingness to engage in SMDD, all constructs
significantly predicted both intention and willingness, except that prototype
favorability was marginally significant in predicting willingness. Attitude emerged as
the strongest predictor of willingness, while also significantly predicting intention,
which supports previous findings (e.g., Wang & Xu, 2021; Elliott et al., 2017). It
suggests that drivers’ positive evaluations of SMDD play a dual role in reactive and
reasoned processes. This suggests that individuals with favorable attitudes toward
SMDD are not only more likely to engage in it impulsively when the opportunity

arises but also more likely to form an intention to do so before driving.

Subjective norms were found to predict both intention and willingness, indicating
that the perceived approval and acceptance of SMDD by significant others can
influence drivers in both deliberate and reactive ways. When individuals believe that
peers, family, or society in general approve or engage in SMDD, they may be more
likely to form a conscious intention to engage in it as part of their routine behavior.
At the same time, these norms can also increase the willingness of drivers to engage
in SMDD impulsively when the situation allows. Additionally, some drivers may be
particularly susceptible to the influence of subjective norms. Subjective norms may
refer to societal expectations of maintaining a constant connection (Bayer et al.,
2016). Thus, drivers may be more susceptible to peer pressure and a stronger desire
for social connection. This desire to stay connected may lead drivers to intentionally

and reactively engage in SMDD.

The prototype similarity and favorability significantly predicted the intention,
whereas prototype favorability was the strongest predictor of intention in the model.
It shows that when individuals favorably perceive a prototype associated with SMDD
(e.g., “always online” people), they are more likely to align their self-concept with
that prototype and develop a stronger intention to engage in the behavior. The
relationship between similarity and intention also suggests that people are more

likely to engage in SMDD if they perceive themselves as similar to those who
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typically do so. Identifying oneself with a typical person who engages in SMDD may
lead people to perceive this behavior as a part of their identity (Gerrard et al., 2008).
Although the original PWM did not suggest the link between intention and perceived
prototype images (Gerrard et al., 2008), recent studies have provided empirical
support for this link (e.g., Demir et al., 2020; Van Lettow et al., 2016; Hyde &
White, 2010). Gibbons et al. (2020) suggested that this relationship is not
inconsistent with the model. One possible explanation is that risk-related prototypes
do not always function as deterrents; instead, they may serve as desired images,
particularly in contexts where risk-taking behaviors carry social value or symbolic
meaning. For example, SMDD can convey a meaning of staying connected with
social groups, even while driving, as a means of aligning with a particular social

identity. This type of meaning could shape drivers’ intentions (Gibbons et al., 2020).

In line with the theory of PWM (Gerrard et al., 2008), prototype similarity was found
to predict willingness to engage in SMDD, whereas prototype favorability was
marginally significant. This finding suggests that willingness to engage in SMDD is
influenced by self-relevant social comparisons. The fact that prototype favorability
was the strongest predictor of intention while it was a nearly insignificant predictor
of willingness contradicts the previous findings (e.g., Demir et al., 2020; Elliott et al.,
2007; Harbeck & Glendon, 2018; Gerrard et al., 2008, etc.). Prototype favorability is
more about evaluating the typical person, whereas similarity is about comparing
oneself to the typical person. Accordingly, drivers' self-identity may influence
reactive engagement in SMDD under specific conditions. For example, their
immediate decision to respond to or ignore social media notifications could be
influenced by whether they see themselves as a risky driver engaging in distracted
driving or as a safe driver who prioritizes attention on the road. On the other hand,
the perceived favorability of individuals who engage in SMDD could lead drivers to

adopt SMDD as a routine behavior in order to align with a desired social image.

4.7. The Integration of Reasoned, Reactive and Habitual Process of SMDD

The previous analyses have shown that the TPB and PWM frameworks can highly

explain SMDD, concluding that it is a combination of reasoned and reactive behavior
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to some extent. Additionally, a significant relationship between the habitual strength
and SMDD suggests that this behavior can also be a habitual (automatic) behavior to
some degree. In order to understand the extent of the intentionality, reactivity, and
automaticity of this behavior, the current study further integrated the habitual
strength and constructs of TPB and PWM.

The integrated model explained 60% of the variance in SMDD. The highest variance
in SMDD was explained by intention, willingness, and perceived behavioral control,
respectively. The direct effect of habitual strength on SMDD was diminished when
other constructs of the TPB and PWM were taken into account. This insignificant
direct relationship between habitual strength and SMDD suggests that the goals
associated with driving may compete with the impulses to perform habitual
behaviors, allowing intentional process to take control over SMDD behavior. This
result aligns with the third principle of habit formation proposed by Wood and Neal
(2007), which states that when habits and goals are simultaneously activated, they
may compete. Either automatic or intentional processes ultimately dominate the
behavior. The findings also may suggest that drivers are so calculating in their
responses and vigilant in monitoring the task and the environmental factors that they

prevent themselves from acting mindlessly to cues.

Despite of lack of direct effect, the integrated model showed that there are several
indirect effects of habitual strength on SMDD were thorough 1) willingness, 2)
prototype similarity and willingness, 3) attitude and willingness, 4) prototype
similarity, willingness, and intention, 5) attitude, willingness, and intention and 6)
subjective norms, intention and willingness. These findings align with Ajzen’s
(2012) proposition that variables beyond attitudes, subjective norms, and perceived
behavioral control should be conceptualized as antecedents of these core constructs,
rather than as direct predictors of intention or behavior. Individuals with strong
habitual tendencies toward social media use tend to have highly positive attitudes
toward SMDD, perceive SMDD as socially approved and acceptable, view others
who engage in SMDD as similar to themselves, and report a high willingness and

intention to engage in SMDD. Further in this section, the indirect paths from habitual
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strength to SMDD are discussed by debunking each relationship between the given
constructs and the habitual strength.

The habitual strength of social media use was found to increase the behavioral
willingness for SMDD. Drivers with strong social media habits may either inhibit or
react to urges triggered by contextual cues, such as notification sounds, while
considering the task. It can be assumed that the goals of driving (e.g., safe mobility)
may compete with habitual impulses to pick up the phone when these impulses
become active. This aligns with the idea that habitual impulses can be overridden by
deliberative cognitive control when situational factors demand it (Gardner et al.,
2016). The lack of a significant relationship between habitual strength and intention
further supports this argument, indicating that habitual social media use does not
necessarily predict a deliberate plan to engage in SMDD but rather an increased
likelihood of reacting impulsively when conditions are seen as appropriate.

Moreover, the strongest relationship was observed between habitual strength and
prototype similarity. According to Verplanken and Orbell (2003), habits serve as a
way to organize one’s life and, therefore, reflect one’s sense of identity. This
function of habits aligns with the concept of a prototypical image, representing the
characteristics of a typical person engaging in the given behavior (Gibbons &
Gerrard, 1995). This finding suggests that individuals with strong habitual tendencies
toward social media use may perceive their self-identity as being closely tied to
frequent and pervasive social media engagement. Consequently, they may perceive
others who engage in this behavior, even in risky situations like driving, as similar to
themselves. This perception of similarity can lead to an increased willingness to

engage in SMDD.

The habitual strength was positively related to the attitudes toward SMDD. The
strong habitual tendencies may lead people to perceive SMDD as favorable. The
rewarding function of habits can explain this finding. Habits are formed strongly
when cue-learned associations are linked to reward mechanisms in cognition
(Gardner, 2015; Mazar & Wood, 2018). Neural reactions to rewarding behaviors
construct the tie between the context and behavior (Wood and Riinger, 2016). To
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clarify, rewarding experiences in a stable context tend to become habits. According
to Klimmt et al. (2018), heavy smartphone use enhances individuals’ sense of
empowerment, resulting from positive experiences obtained by feelings of
connectedness. Since this empowerment has a function of reducing negative feelings,
such as loneliness, it is anticipated that people will act to continuously experience
this empowerment by incorporating this behavior into routine and novel situations.
Furthermore, the reward from social media use could also be related to enjoyment, as
suggested by Turel and Serenko (2017), who state that enjoyment is one of the key
factors behind social media habits and addictions. The positive relationship between
the habitual strength of social media use and attitudes toward SMDD could be the
result of the rewarding feelings obtained from social media use. As these memories
of reward become stronger with habit formation, individuals perceive SMDD in a
more positive light. This favorable attitude toward SMDD resulted in a higher
willingness to engage in it, but not in intention. It can be suggested that favorable
attitudes formed through habits can influence drivers’ spontaneous and reactive
decisions to engage in SMDD. Furthermore, this effect was demonstrated by the
increase in the frequency of SMDD and intention. Interestingly, although attitude
was significantly related to habitual strength and intention, it did not mediate their
relationship. It could be due to differences in the strength of particular relationships.
Although there is a strong relationship between attitude and habitual strength, the
weak relationship between attitude and intention may not accurately reflect the effect
of changes in habitual strength. On the other hand, the willingness was found to be

both directly translated into SMDD behavior and intention to engage in it.

Another indirect effect of habitual strength on willingness, intention, and SMDD was
found through subjective norms. According to Bayer et al. (2016), the habitual
strength to stay online and connected reflects implicit societal expectations placed on
an individual. Societal expectations for staying connected may lead individuals to
develop strong habitual tendencies toward checking and interacting with their mobile
phones. Thus, the positive relationship between habitual strength and subjective
norms regarding SMDD may be linked to individuals’ implicit perceptions of

societal expectations. Habitual social media users may perceive that their social
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environment expects them to stay connected. In that case, they are also more likely to
believe that they approve of and engage in this behavior, even while driving.

Finally, intention did not significantly relate to habitual strength. The habitual
strength of social media use does not translate into an intention to engage in SMDD.
However, the indirect effect of SMDD on intention suggests that habitual strength
shapes the underlying beliefs and perceptions that indirectly influence intention. This
suggests that habitual behaviors do not override intentional control but instead shape

the motivational and perceptual factors that lead to deliberate behavioral processes.

4.8. Critical Remarks and Suggestions for Future Studies

One of the issues of this study is its reliance on self-reported data to assess SMDD
engagement, habitual strength, and the psychological constructs underlying decision-
making processes. Self-reports are inherently susceptible to biases, including social
desirability bias, including impression management, and self-deception (Yilmaz et
al., 2022). This may lead participants to underreport their engagement in SMDD due
to its socially undesirable nature. Although efforts were made to minimize these
biases, such as ensuring anonymity and emphasizing the importance of honest
responses, future research could benefit from using objective measures, such as in-

vehicle monitoring systems or mobile applications that observe actual SMDD.

Although the current study provides valuable insights into the socio-cognitive and
habitual determinants of SMDD, it does not directly measure participants’ actual
driving behaviors in real-world contexts. The reliance on self-reported intentions and
willingness to engage in SMDD does not capture situational factors that may
influence actual behavior, such as road conditions, traffic density, or momentary
cognitive workload. Future research could incorporate naturalistic driving studies,
eye-tracking methodologies, or smartphone-based tracking applications to

objectively assess real-time engagement in SMDD.

Due to the cross-sectional nature of the study, the extent to which habits interact with

deliberative and reactive processes over time remains unclear. Future research should
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employ experimental or longitudinal designs to examine the dynamic interactions
between these decision-making pathways and determine how they influence SMDD

in varying driving conditions.

While this study primarily focused on habitual and socio-cognitive determinants of
SMDD, future research should explore the situational and contextual factors that may
trigger engagement in this behavior. Specifically, real-world observational studies
and driving simulation experiments could be employed to examine how
environmental factors, such as traffic congestion, long commutes, and extended waits
at traffic lights, influence drivers’ tendency to use social media while driving.
Additionally, the presence of passengers, the level of urgency associated with social
media notifications, and the levels of boredom and stress should be investigated as
potential triggers. ldentifying the specific contextual cues that increase the likelihood
of SMDD could help in the development of targeted interventions aimed at

minimizing such situational risks.

Given the significant role of habitual strength in shaping SMDD behavior, future
research should focus on designing and evaluating interventions aimed at disrupting
habits. Potential strategies could include habit-reversal training programs that
encourage drivers to establish competing habits that reinforce road safety.
Additionally, digital interventions, such as smartphone applications that temporarily
restrict social media access while driving or provide real-time feedback on distracted
driving behavior, could be explored for their efficacy in breaking the habit of
engaging in SMDD. Experimental research should compare different intervention
techniques to determine their effectiveness in reducing habitual tendencies and

promoting sustained behavior change.

While current research has focused on socio-cognitive factors, the influence of
emotional states on engagement in this behavior remains an underexplored area.
Future studies should investigate the extent to which transient emotional states, such
as stress, boredom, loneliness, FOMO, or frustration, serve as motivators for SMDD.
Self-report surveys and experience sampling methods could be utilized to capture

emotional triggers that lead drivers to use social media while driving. Additionally,
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experimental research could investigate whether interventions aimed at promoting
emotion-regulation strategies, such as mindfulness or cognitive reappraisal
techniques, can mitigate the impulse to engage in SMDD under emotionally charged

conditions.

As shown in the study, social norms and image perceptions have been shown to play
a crucial role in shaping engagement in distracted driving behaviors. Future research
should investigate methods to mitigate the effectiveness of social influence and
reduce SMDD engagement. A potential solution is the use of peer-driven
interventions, where individuals who have successfully refrained from SMDD serve
as role models or advocates in their social networks. Additionally, public service
announcements and digital campaigns that emphasize the social unacceptability of
SMDD could be tested for their impact on reducing willingness and intention to
engage in this behavior. Further studies should investigate whether social
accountability mechanisms, such as passengers reminding drivers to stay off their
phones, can serve as effective deterrents against SMDD in real-world driving

scenarios.

4.9. Practical Implications

The findings have several implications for road safety policies and intervention
strategies to reduce SMDD. Given that intention emerged as the strongest predictor
of SMDD, public awareness campaigns should focus on reshaping intention or its
predecessors. For example, campaigns targeting attitudes toward SMDD should
emphasize its risks and social unacceptability. Highlighting the cognitive limitations
of multitasking while driving may also help counteract overconfidence in drivers’
perceived ability to manage social media use and driving simultaneously.
Additionally, interventions should address subjective norms by promoting social
accountability mechanisms, such as encouraging passengers to discourage drivers

from engaging in SMDD.

Considering the role of habitual strength in SMDD, even though habits are not
directly translated into behavior, they still have the potential to influence behavior
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through situational assessment of the driver. Thus, technological solutions to enhance
drivers’ situational awareness could help protect against habitual urges triggered by
cues that lead to risky behavior. In addition, technological solutions, such as
smartphone applications that block social media access while driving, could be
effective interventions by completely inhibiting the most prominent contextual cue
triggering habitual mobile phone use, e.g., notification sounds.

From a policy perspective, stricter enforcement of distracted driving laws and
advancements in monitoring technology could inhibit drivers’ readiness to engage in
SMDD and other types of mobile phone use while driving. Increased penalties for
SMDD, combined with publicized enforcement efforts, may deter drivers from
engaging in this risky behavior. Mandatory technological interventions, such as
integrating phone-disabling features in vehicles, particularly for commercial and
high-risk drivers, may also promote distraction-free driving.

Reducing SMDD requires a multi-faceted approach that integrates behavioral
science, technological advancements, and legislative enforcement. A coordinated
effort among policymakers, researchers, the automotive industry, and technology
developers will be necessary to create an environment where distracted driving is

significantly minimized, thereby contributing to overall road safety.
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CHAPTER 5

CONCLUSION

This study provides a novel and integrated perspective on social media distracted
driving (SMDD) by examining rational, reactive, and automatic processes. It
demonstrates that drivers’ decisions to use social media while driving are shaped not
only by reasoned process but also by situational triggers and deeply ingrained habits.
This comprehensive framework fills a crucial gap in the literature: complex
behaviors, such as driver distraction, can be better explained by integrating different
cognitive models, rather than focusing on a single model. By identifying the
pathways to SMDD, the current study provides critical insights into the underlying

mechanisms that shape drivers’ decisions to engage in such distracted behavior.

The results emphasize the importance of intention on SMDD. Drivers’ preparedness
to engage in SMDD can be disrupted by changing their intention, making them more
prone to safe driving. However, intention is not the only key factor in this problem.
The study also highlighted that drivers sometimes engage with social media based on
situational conditions. Internal conditions (e.g., boredom) or external conditions
(e.g., very light traffic) can prompt drivers to use social media even when they had
no earlier plan to do so. Drivers' immediate perceptions of their environment can lead

them to engage in this risky behavior.

A key highlight of this research is that social media use while driving does not
develop as an entirely automatic response. Instead, habitual tendencies, such as the
urge to pick up one’s phone and check social media or incoming notifications, first
lead drivers to evaluate their situational context. Only after this appraisal, drivers
decide whether to perform the behavior. Therefore, programs designed to improve
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drivers’ ability to recognize and respond to immediate risks will directly challenge

these habitual urges.

Overall, this study advanced the understanding of mobile phone-related driver
distraction. As a distinct form of mobile phone use while driving, SMDD can be
explained by using a multi-framework approach. The integrated model provided

clear intervention pathways to address and mitigate this multifaceted risky behavior.
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8.

APPENDICES

A. GOODNESS OF FIT TEST RESULTS FOR EACH MODEL

Table 4. Goodness of Fit Test Results for Each Model

Models ¥2 (df) CFl  TLI GFI  RMSEA R(Intention)  R*(Willingness) R?(SMDD)
TPB 3.35(2)  .998  .990 997 040 396 588
PWM 420(4) 100  .999 997 011 535 382 597
The Integrated Model 2.19(4)  1.00 1.011  .999  .000 548 431 603
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B. DIRECT AND INDIRECT PATHS OF THE TPB MODEL

Table 5. Direct and indirect paths of the TPB

95% Confidence Intervals

p SE Lower Upper z p

Direct Paths

Attitude = Intention 244 .06 13 .356 4.29 <.001
Subjective Norms = Intention .262 .04 18 .348 5.96 <.001
Perceived Behavioral Control = Intention .345 .05 .25 435 7.49 <.001
Intention = SMDD .694 .04 .61 q74 16.92 <.001
Perceived Behavioral Control = SMDD 126 .04 .06 195 3.60 <.001
Indirect Paths

Attitude = Intention = SMDD .169 .041 .090 .249 4.157 <.001
Subjective Norms = Intention = SMDD .182 .033 118 .245 5.587 <.001
Perceived Behavioral Control = Intention = SMDD .239 .036 169 .309 6.666 <.001




C. DIRECT AND INDIRECT PATHS OF THE PWM MODEL

Table 6. Direct and indirect paths of PWM

95% Confidence Intervals

08

p SE Lower Upper z p

Direct Paths

Attitude = Intention 124 .05 .04 213 2.74 .006
Attitude = Willingness .408 .06 .28 532 6.41 <.001
Subjective Norms = Intention 114 .04 .04 .188 3.02 .003
Subjective Norms = Willingness 154 .05 .06 .245 3.35 <.001
Prototype Similarity = Intention 116 .06 .01 226 2.07 .039
Prototype Favorability = Intention 231 .06 A2 .345 3.98 <.001
Prototype Similarity = Willingness .183 .05 .08 .289 3.40 <.001
Prototype Favorability = Willingness 105 .05 .00 211 1.95 .051
Willingness = Intention .397 .06 .29 .507 7.12 <.001
Intention = SMDD .641 .05 .55 .735 13.36 <.001

Willingness = SMDD .186 .04 .10 .267 4.49 <.001
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Indirect Paths

Table 6. (continued)

Willingness = Intention = SMDD

Attitude = Intention = SMDD

Attitude = Willingness = SMDD

Attitude = Willingness = Intention = SMDD
Subjective Norms = Intention = SMDD

Subjective Norms = Willingness = SMDD

Subjective Norms = Willingness = Intention = SMDD
Prototype Similarity = Willingness = SMDD
Prototype Similarity = Intention = SMDD

Prototype Similarity = Willingness = Intention = SMDD
Prototype Favorability = Willingness = SMDD
Prototype Favorability = Intention = SMDD

Prototype Favorability = Willingness = Intention = SMDD

.255
.079
.076
104
.073
.029
.039
.034
074
.047
.020
148
027

.040
.030
.020
.022
.025
011
.013
.012
.031
.016
.009
.031
011

176
021
.037
.061
.024
.008
.014
011
.014
.016
.002
.088
.005

334
137
115
147
122
.050
.064
.057
135
077
.037
.209
.049

6.318
2.686
3.810
4.709
2.927
2.660
3.104
2.874
2411
3.006
2.206
4.781
2.386

<.001
.007
<.001
<.001
.003
.008
.002
.004
.016
.003
.027
<.001
017
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D. DIRECT AND INDIRECT PATHS OF THE INTEGRATED MODEL

Table 7. Direct and indirect paths of the Integrated Model

95% Confidence Intervals

p SE Lower Upper z p

Direct Paths

Habitual Strength= Prototype Similarity 191 .052 .090 292 3.697 <.001
Habitual Strength= Prototype Favorability .053 .044 -.033 139 1.203 229
Habitual Strength= SMDD .016 .034 -.051 .084 0.469 .639
Willingness= SMDD 158 .042 .076 .240 3.760 <.001
Intention= SMDD .608 .048 513 .703 12547  <.001
Perceived Behavioral Control= SMDD 091 .033 .026 157 2.740 .006
Prototype Similarity= Willingness .106 .051 .006 .208 2.067 .039
Prototype Favorability= Willingness .070 .052 -.031 172 1.359 A74
Attitude= Willingness 329 .063 .206 452 5.244 <.001
Perceived Behavioral Control= Willingness 235 .051 135 335 4.599 <.001
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Table 7. (continued)

Subjective Norms= Willingness 129 .045 .040 .218 2.843 .004
Habitual Strength= Willingness 119 .038 .045 194 3.134 .002
Habitual Strength= Attitude 165 .052 .064 267 3.188 .001
Habitual Strength= Perceived Behavioral Control .090 .050 -.008 .188 1.795 .073
Prototype Similarity= Intention .082 .056 -.027 191 1.480 139
Prototype Favorability= Intention 214 .056 103 324 3.796 <.001
Willingness= Intention .353 .054 247 459 6.538 <.001
Attitude= Intention .098 .043 .014 182 2.295 .022
Perceived Behavioral Control= Intention 137 .042 .054 220 3.237 .001
Subjective Norms= Intention 107 .037 .035 .180 2.896 .004
Habitual Strength= Intention .056 .034 -.012 123 1.623 105
Habitual Strength= Subjective Norms 131 .046 .040 221 2.826 .005
Indirect Paths

Habitual Strength = Willingness = SMDD .019 .007 .004 .033 2.532 .011
Habitual Strength = Intention = SMDD 034 021 -.007 .075 1.617 .106
Habitual Strength = Willingness = Intention = SMDD .026 .010 .007 .044 2.700 .007
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Table 7. (continued)
Habitual Strength = Prototype Similarity = Willingness = SMDD
Habitual Strength = Prototype Similarity = Willingness = Intention = SMDD
Habitual Strength = Prototype Similarity = Intention = SMDD
Habitual Strength = Prototype Favorability = Willingness = SMDD
Habitual Strength = Prototype Favorability = Willingness = Intention = SMDD
Habitual Strength = Prototype Favorability = Intention = SMDD
Habitual Strength = Attitude = Willingness = SMDD
Habitual Strength = Attitude = Willingness = Intention = SMDD
Habitual Strength = Attitude = Intention = SMDD
Habitual Strength = Perceived Behavioral Control = SMDD
Habitual Strength = Perceived Behavioral Control = Willingness = SMDD

Habitual Strength = Perceived Behavioral Control = Willingness = Intention =
SMDD

Habitual Strength = Perceived Behavioral Control = Intention = SMDD
Habitual Strength = Subjective Norms = Willingness = SMDD

Habitual Strength = Subjective Norms = Willingness = Intention = SMDD
Habitual Strength = Subjective Norms = Intention = SMDD

Willingness = Intention = SMDD

.003
.004
.010
.001
.001
.007
.009
012
.010
.008
.003

.005

.007
.003
.004
.009
215

.002
.003
.007
.001
.001
.006
.004
.005
.006
.005
.002

.003

.005
.002
.002
.004
.037

-.001
-.001
-.004
-.001
-.001
-.005
.001

.002

-.001
-.002
-.001

-.001

-.002
-.000
-.000
.000
142

.007
.009
.023
.002
.002
.019
.016
021
021
.019
.008

.010

.017
.006
.007
017
.287

1.677
1.714
1.411
0.914
0.926
1.128
2.202
2.355
1.755
1.526
1.518

1.594

1.532
1.727
1.899
2.007
5.814

.093
.087
.158
.361
.354
.259
.028
.019
.079
27
129

A11

126
.084
.058
.045
<.001
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Table 7. (continued)

Perceived Behavioral Control = Willingness = SMDD
Perceived Behavioral Control = Willingness = Intention = SMDD
Perceived Behavioral Control = Intention = SMDD
Prototype Similarity = Willingness = SMDD

Prototype Similarity = Willingness = Intention = SMDD
Prototype Similarity = Intention = SMDD

Prototype Favorability = Willingness = SMDD

Prototype Favorability = Willingness = Intention = SMDD
Prototype Favorability = Intention = SMDD

Attitude = Willingness = SMDD

Attitude = Willingness = Intention = SMDD

Attitude = Intention = SMDD

Subjective Norms = Willingness = SMDD

Subjective Norms = Willingness = Intention = SMDD

Subjective Norms = Intention = SMDD

.037
.050
.083
.017
.023
.050
011
.015
130
.052
071
.060
.020
.028
.065

.013
.014
.027
.009
012
.034
.009
011
.037
.017
.017
.026
.009
011
.023

011
.023
.031
-.001
-.001
-.016
-.006
-.007
.057
.019
.036
.008
.002
.007
.020

.063
.078
136
.035
.047
116
.028
.037
.203
.085
105
111
.038
.049
111

2.787
3.569
3.104
1.831
1.876
1.481
1.291
1.350
3.502
3.101
4.040
2.272
2.202
2.567
2.801

.005
<.001
.002
.067
.061
139
197
77
<.001
.002
<.001
.023
.028
.010
.005
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F. SURVEY FORM

ARASTIRMAYA GONULLU KATILIM FORMU

Bu ¢alisma, ODTU Psikoloji Boliimiinden Dog. Dr. Bahar Oz, ve Uzm. Psk. Burcu

Arslan Arisoy, tarafindan yiiriitiilen bir arastirmadir.
Calismanin Amaci Nedir?

Bu calismanin amaci, siiriiciilerin genel sosyal media kullanma aligkanliklari ile arag

stirerken sosyal medya kullanma davraniglar1 arasindaki iliskiyi incelemektedir.
Bize Nasil Yardimc1 Olmamz Isteyecegiz?

Goniilli  katilimcilardan  kendilerine sunulan ¢evrimi¢i anketi cevaplamalari
istenmektedir. Anketin cevaplanmasi ortalama olarak 15-20 dakika siirmektedir. Isim
ve kimlik bilgileriniz sizden istenmeyecektir. Ankette saglanan bilgiler yalmzca
arastirma amach olarak kullamilacak ve arastirma yiiriitiiciileri disinda hic

kimse ile paylasilmayacaktir.
Sizden Topladigimiz Bilgileri Nasil Kullanacagiz?

Calismaya katilim tamamiyla goniilliilik temelinde olmalidir. Cevaplariniz tamamen
gizli tutulacak ve sadece arastirmacilar tarafindan degerlendirilecektir. Sizden elde
edilecek bilgiler diger katilimcilarin bilgileriyle beraber toplu halde degerlendirilecek
ve bilimsel yayimlarda kullanilacaktir. Sizinle ilgili bilgiler eslestirildikten sonra
kesinlikle kimlik bilgileriniz tutulmayacak, elde edilen tiim veriler anonim olarak

saklanacaktir.
Katihminizla ilgili Bilmeniz Gerekenler:

Anket, genel olarak kisisel rahatsizlik verecek sorular igcermemektedir. Ancak,
katilim sirasinda sorulardan ya da herhangi baska bir nedenden &tiirii kendinizi

rahatsiz hissederseniz cevaplama isini yarida birakip ¢ikmakta serbestsiniz.
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Arastirmayla Tlgili Daha Fazla Bilgi Almak Isterseniz:

Bu calismaya katildiginiz i¢in simdiden tesekkiir ederiz. Calisma hakkinda daha
fazla bilgi almak i¢in Uzm. Psk. Burcu Arslan Arisoy ile iletisim kurabilirsiniz.
Calismanin sonunda sizi biraz daha bilgilendirmek amaciyla “katilim sonrasi

bilgilendirme formu” sunulmaktadir.

Yukaridaki bilgileri okudum ve bu c¢alismaya tamamen goniillii olarak

katilyyorum.

O Evet U Hayiwr
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Demografik Bilgi Formu

Yasiniz:

Cinsiyetiniz: [ Erkek [IKadin

Boliimiiniiz:

Asagidakilerden hangisi sosyo- ekonomik statiiniizii tanimlar? CIAIt 1
Ortanin altt  [Orta Ortanin Ustii COUst

Ehliyetiniz var m1? [ Hayir ClEvet
Kag yildir ehliyet sahibisiniz? yil

Gecen yildan bu yana yaklastk olarak toplam ka¢ kilometre arag
kullandiniz? km

Biitiin hayatiniz boyunca yaklasik olarak toplam ka¢ kilometre ara¢ kullandiniz?

km

Genel olarak, ne siklikla ara¢ kullanirsiniz?
[dHemen hemen her giin [] Haftada 3-4 giin [1Haftada 1-2 giin
] Ayda birkag kez [1Cok nadir

Son ti¢ yilda kag kez ara¢ kullanirken aktif olarak (sizin bir araca, bir yayaya veya

herhangi bir nesneye carptiginiz durumlar) kaza yaptiniz? (hafif kazalar

dahil) kez

Son ti¢ yilda kag kez arag kullanirken pasif olarak (bir aracin ya da bir yayanin size

carptigl durumlar) kaza ge¢irdiniz? (hafif kazalar dahil) kez

Son {i¢ yilda asagidaki trafik cezalarini kag kere aldiginizi belirtiniz.

Yanlis park  etme: Hatali  sollama: Hiz
ihlali: Diger:

Ginde ortalama kag saat telefonunuzu kullanirsimiz? [1 saatten az[J1-3 saat [13 - 5
saat L[5 saatten fazla

Giinde ortalama ne kadar siire sosyal medya uygulamalarinda (Facebook, Instagram,
X, TikTok, haber uygulamalari vb.) vakit gegirirsiniz? [1 saatten az []1-3 saat

03 - 5 saat [5 saatten fazla
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Liitfen asagidaki maddeleri, en sik kullandigimiz sosyal medya uygulamasini
diisiinerek yanitlayiniz.

Giin igerisinde, en sik kullandigimiz sosyal medya uygulamasina (WhatsApp,
Facebook, Instagram, X, TikTok, haber uygulamalar1 vb.) girip gezindiginiz, vakit
gecirdiginiz zamanlan diisiinlin. Bu zamanlarda, asagidaki ifadelere ne kadar katilip
katilmadiginizi, 1 (kesinlikle katilmiyorum) ile 7 (kesinlikle katiliyorum) arasinda bir

puan vererek belirtiniz.

Telefonu elime alip sosyal medya uygulamalarinda vakit

gecirmek otomatik olarak yaptigim bir seydir

Telefonu elime alip sosyal medya uygulamalarinda

gezinmek hi¢ diisiinmeden yaptigim bir seydir.

Sosyal medya uygulamalarinda gezinmek ne ara telefonu
elime alip uygulamalara girdigimi hatirlamadan yaptigim

bir seydir.

Telefonu elime alip sosyal medya uygulamalarinda

gezinmek, niyetim olmasa da yaptigim bir seydir.

Telefonu elime alip sosyal medya uygulamalarinda
gezinmeye baslamak, hi¢ farkinda olmadan yaptigim bir

seydir.

Telefonu elime alip sosyal medya uygulamalarina girmemek

zorlandigim bir seydir.

Telefonu elime alip sosyal medya uygulamalarinda

gezinmekten uzak durmak, o6zellikle caba goéstermem

gereken bir seydir.

Telefonu elime alip sosyal medya uygulamalarinda vakit
gecirmek, ozellikle diisiinmeye ihtiyac duymadan

yaptigim bir seydir.

Telefonu elime alip sosyal medyada gezinmek giinlitk

rutinimin bir parcasidir.

Telefonu elime alip sosyal medya uygulamalarinda

gezinmek benim tipik bir davramsimdir.
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Giin igerisinde, telefonunuza en sik kullandiginiz sosyal medya uygulamasindan
(WhatsApp, Facebook, Instagram, X, TikTok, haber uygulamalari vb.) bir bildirim
geldigini diisiiniin. Bu durumda asagidaki ifadelere ne kadar katilip katilmadiginizi,
1 (kesinlikle katilmiyorum) ile 7 (kesinlikle katiliyorum) arasinda bir puan vererek

belirtiniz.

Telefonu elime alip gelen bildirimleri kontrol etmek

otomatik olarak yaptigim bir seydir.

Telefonu elime alip gelen bildirimleri kontrol etmek hi¢

diisiinmeden Yyaptigim bir seydir.

Gelen bildirimleri kontrol etmek, ne ara telefonu elime

aldigim1 hatirlamadan yaptigim bir seydir.

Telefonu elime alip sosyal medya uygulamalarinda

gezinmek, niyetim olmasa da yaptigim bir seydir.

Telefonu elime alip gelen bildirimleri kontrol etmeye

baslamak, hi¢ farkinda olmadan yaptigim bir seydir.

Telefonu elime alip gelen bildirimleri kontrol etmemek

zorlandigim bir seydir.

Telefonu elime alip gelen bildirimleri kontrol etmemek,

ozellikle caba gostermem gereken bir seydir.

Telefonu elime alip gelen bildirimleri kontrol etmek,
ozellikle diisiinmeye ihtiya¢c duymadan yaptigim bir
seydir.

Telefonu elime alip gelen bildirimleri kontrol etmek giinlitk

rutinimin bir parcasidir.

Telefonu elime alip gelen bildirimleri kontrol etmek benim

tipik bir davramisimdir.
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Liitfen araba siirerken asagidaki davraniglar ne siklikla yaptiginizi belirtiniz.

Higbir

Zaman

Nadiren

Ara

Sira

Sik
Sik

Her

Zaman

Araba silirerken ne sikhikla telefonunuzu

elinize alip sosyal medya uygulamalarinizda

vakit gecirirsiniz?

Araba siirerken ne siklhikla telefonunuzu

elinize alip sosyal medya uygulamalarindan

gelen bildirimleri okursunuz/kontrol

edersiniz?
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Asagidaki ifadelere ne kadar katilip katilmadiginiz1 1 (kesinlikle katilmiyorum) ve 7

(kesinlikle katiliyorum) arasinda bir puan vererek belirtiniz.

Oniimiizdeki bir ay icerisinde, araba siirerken sosyal medya

uygulamalarindan bir_bildirim_geldigini gordiigiimde, telefonu

elime alip gelen bildirimleri  okumayi/kontrol  etmeyi

planlarim/biiyiik ihtimalle yaparim.

Oniimiizdeki bir ay icerisinde, araba siirerken sosyal medya

uygulamalarinda gezinmeyi planlarim/biiyiik ihtimalle yaparim.
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Asagidaki ifadelere ne kadar katilip katilmadiginiz1 1 (kesinlikle katilmiyorum) ve 7

(kesinlikle katiliyorum) arasinda bir puan vererek belirtiniz.

Benim i¢in 6nemli insanlarin ¢ogu araba siirerken sosyal

medyada gezinir.

Benim i¢in 6nemli insanlarin cogu araba silirerken sosyal

mMedya uygulamalarindan bir bildirim geldigini goérdiigiinde,

telefonu ellerine alip gelen bildirimi kontrol ederler.

Benim i¢in 6nemli insanlarin ¢ogu araba siirerken sosyal

medyada gezinmeyi onaylar/ kabul eder

Benim i¢in 6nemli insanlarin ¢ogu araba siirerken sosyal

medya uygulamalarindan gelen bildirimlere bakmami

onaylar/ kabul eder

Araba siirerken sosyal medyada gezinmek benim igin
kolaydir

Araba siirerken sosyal medyadan gelen bildirimleri kontrol

etmek benim icin kolaydir

Araba siirerken sosyal medyada gezinip gezinmemek bana

kalmistir.

Araba siirerken sosyal medyadan gelen bildirimleri kontrol

edip etmemek bana kalmstir.

Oniimiizdeki bir ay icerisinde, sakin bir yolda ilerlerken,
sosyal medya hesaplarimin birinden c¢ok ilgimi ceken/

onemli oldugunu diisiindiigiim bir bildirim geldigini

gorilirsem, 0 uygulamaya girip gelen bildirimi kontrol etmeyi

isterim.

Araba siirerken, yavas ilerleyen bir trafikte ¢cok camim

sikilirsa sosval medya hesaplarima girip gezinmeyi isterim.

Asagidaki bolimde size, “araba siirerken sosyal medya hesaplarinda gezinen
insanlar” denildiginde sizde olusan imgelere hakkinda sorular bulunmaktadir.

Sosval medvada uygulamalarinda (Facebook, Instagram, TikTok, haber uygulamalari

vb.) gezinerek arag siiren tipik bir siiriiciiyii diisiiniin ve asagidaki ifadelere ne kadar
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katilip katilmadigimizi 1 (kesinlikle katilmiyorum) ve 7 (kesinlikle katiliyorum)

arasinda bir puan vererek belirtiniz.

Bu siiriiciilerin, genel  Ozellikleri  benim

ozelliklerime ¢ok benzer

Bu tarz kisilerden hoslanirim

Asagidaki boliimde size, “araba siirerken sosyal medya hesaplarindan bir bildirim
geldiginde telefonunu eline alip bildirimi kontrol eden insanlar” denildiginde sizde
olusan imgelere hakkinda sorular bulunmaktadir.

Araba siirerken sosyal medyadan gelen bildirimleri kontrol eden tipik bir siiriiciiyi

diisiiniin.

Bu  siiriiclilerin, genel  Ozellikleri  benim

ozelliklerime ¢cok benzer

Bu tarz kisilerden hoslanirim
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Asagidaki ciimleyi tamamlamak icin altinda verilen sifatlardan hangisini sizin

diisiincenizi daha ¢ok yansittigini, imleci kaydirarak belirtiniz.

Araba stirerken sosyal medyada gezinmek...

1. Zararlt...........oooiiii, O 5.
Yararl

1. Cok dikkat Dagitict..................... O 5. Hi¢ Dikkat
Dagitic1 Degil

1. S1KIC1. .o O 5. Heyecan
Verici

1. Stresli. ..o O 5.
Rahatlatici

1. Sinir Bozucu................ocooiiiiin. T, A 5.
Eglenceli

Araba silirerken sosyal medyadan bir bildirim geldigini gordiigiinde eline alip

bildirimi kontrol etmek

1. Zararlt..........oooooiiiiiii, O 5.
Yararh

1. Cok dikkat Dagitict..................... O 5. Hi¢ Dikkat
Dagitict Degil

1. S1K1CL. e O 5. Heyecan
Verici

1. Stresli.....ooeeiiii O 5.
Rahatlatict

1. Sinir Bozucu................oooiiiiiii. O 5.
Eglenceli
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H. TURKISH SUMMARY / TURKCE OZET

Giris

Siirlis, oldukc¢a karmasik ve dikkat gerektiren bir gorevdir; bu nedenle dikkat
daginikligi, kiictik bir anlik dalginlikla bile ciddi sonuglar dogurabilir. Bu yiizden,
dikkat daginiklig: trafik kazalariin 6nemli sebeplerinden biri olarak goriilmektedir
(WHO, 2023; Dingus vd., 2016). NHTSA (2022) verilerine gore, ABD’de yaklasik
3308 kisi dikkat dagmikligina bagli kazalar nedeniyle hayatin1 kaybetmistir.
Avrupa’da ise kazalarin %5 ila %25’inin bu sebepten kaynaklandigi tahmin
edilmektedir ve 0rnegin Avusturya’da bu durum, oliimlii kazalarin baslica nedeni
olarak bildirilmistir (ITF, 2024). Ancak baz1 dikkat dagitici davraniglarin (6rnegin
ara¢ kullanirken eller serbest telefon goriismeleri) tespit edilmesi zor oldugundan,

gercek sayilar muhtemelen daha yiiksektir (WHO & NHTSA, 2011).

Regan vd. (2011), siiriicii dikkat dagimikligini "siiriiciiniin dikkatinin baska bir yone
kaymas1" olarak tanimlamis ve bunu, giivenli siiriis icin kritik olan goérevlerden
dikkat sapmasi seklinde agiklamistir. Bu tanimda dikkat daginikligi, tepki
siiresindeki gecikmeden ziyade, siiriiciiniin giivenli siiriis i¢in gerekli gorevlerden
zihinsel olarak uzaklagmasiyla iligkilidir. Literatiirde siiriicii dikkat daginikligi
genellikle dort temel baslik altinda siniflandirilmaktadir (WHO, 2011). Gorsel dikkat
daginiklig, siiriicliniin géziinii yoldan ayirmasina; biligsel dikkat daginiklik, zihinsel
olarak farkli bir konuya odaklanmasina; fiziksel dikkat daginiklik, ellerin
direksiyondan c¢ekilmesine; isitsel dikkat dagimiklik ise disaridan gelen sesli
uyaricilara dikkat verilmesine isaret eder. Bu siniflamaya ek olarak Regan ve Hallett
(2011), dikkat dagmikligini tat duyusuna (gustatory) ve dokunsal hislere (tactile)
yonelik iki yeni tiirle genisletmistir. Ornegin ara¢ kullanirken kahve i¢mek; kahve
bardagini tutmakla fiziksel, bardaga bakmakla gorsel, kahvenin tadina odaklanmakla
ise gustatory dikkat dagimikligina neden olabilir. Bu tiir davranislar, birden fazla

dikkat daginiklig1 kategorisini ayni anda icerebilir.

102



Regan ve Hallett (2011), dikkatle rekabet eden alt1 temel dikkat dagitici kaynak
belirlemistir: nesneler (6rnegin cep telefonu), olaylar (6rnegin bir kaza sahnesi),
yolcular, diger yol kullanicilar1 (6rnegin motosikletliler), hayvanlar ve igsel
uyaricilar (6rnegin can sikintis1). Bu kaynaklarin her biri kaza riski olusturabilir;
ancak cep telefonu kullanimi, yalnizca yayginligi nedeniyle degil, ayn1 zamanda
birden fazla dikkat dagmiklig: tiiriinii ayn1 anda tetikleyebilmesi nedeniyle 6zel bir
tehdit olusturmaktadir (Dingus vd., 2016; NHTSA, 2022). Ornegin, siiriis sirasinda
telefonla konusmak, telefonu eline almakla fiziksel, karsi tarafi dinlemekle isitsel ve
konusmanin igerigini anlamakla bilissel dikkat daginikligi yaratir. Cep telefonunun
islevi karmasiklastik¢a dikkat dagimikligi seviyesi de artmaktadir. Bu nedenle, cep
telefonu kullaniminin farkli bigimlerinin yol gilivenligi lizerindeki etkilerini anlamak
ve bu konuda daha fazla arastirma yliriitmek biiylikk Onem tasimaktadir. ir¢ok
calisma, cep telefonuna bagli dikkat daginiklig ile trafik kazalarina karigma arasinda
anlamli bir iliski oldugunu gostermektedir (NHTSA, 2022; Yannis vd., 2014).
Birlesik Krallik’ta, yeni diizenlemelere ve artirilan cezalara ragmen, siiriis sirasinda
cep telefonu kullandigini kabul eden siiriiciilerin oran1 2022°de %10 iken 2023’te
%12’ye yiikselmistir (RAC, 2024). Avrupa Birligi’'nde ise cep telefonu kaynakli
dikkat dagmikligina bagli kazalarda her yil artis gozlenmektedir. Bu durum, AB
stiriiclilerinin biiylik ¢cogunlugunun ister elde tutularak ister eller serbest sekilde
olsun, cep telefonu kullaniminin kazalara katkida bulundugunu kabul etmelerine

ragmen devam etmektedir (European Commission, 2022).

Gelisen teknolojiyle birlikte ara¢ i¢i sistemler ve mobil iletisim araglari, glindelik
yasami kolaylastirmakla birlikte siiriis sirasinda dikkat daginikligini da artirmaktadir.
Ozellikle cep telefonu kullanimu, siiriicii dikkatinin dagilmasindaki en yaygin ve
ciddi risk kaynaklarindan biri olarak 6ne ¢ikmaktadir (WHO, 2011; NHTSA, 2022;
EGM, 2017). Cep telefonlar1 yalnizca iletisim aract olmaktan ¢ikarak sosyal medya,
is, saglik takibi, navigasyon ve fotograf gibi ¢ok sayida isleve sahip hale gelmistir.
Bu durum, siiriis sirasinda cep telefonundan uzak durmay: zorlastirmakta ve dikkat
dagmikliginin temel kaynaklarindan biri haline getirmektedir. Ilk zamanlarda
yalnizca arama ya da mesajlasma gibi temel iletisim islevleriyle siirli olan cep
telefonu kullanimi, glinlimiizde sosyal medya uygulamalar1 gibi daha karmagik ve

dikkat gerektiren formlara evrilmistir (RAC, 2024; Xydianou vd., 2019).
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Cep telefonu kullaniminin siiriicii performansi tizerindeki olumsuz etkileri ¢ok sayida
aragtirmada ortaya konmustur. Bu tiir dikkat daginikligi, kaza riskini artirmakta (Ige
vd., 2016; Dingus vd., 2016), tepki siiresini uzatmakta (Caird vd., 2008; Lyngsie vd.,
2013), siirliciilerin gorsel tarama becerisini ve ara¢ kontroliinii bozmakta (Caird vd.,
2008; Rudin-Brown vd., 2013; Yannis vd., 2016) ve siiriicliniin biligsel yiikiinii
artirmaktadir (Caird vd., 2008). Chee vd. (2021) ise cep telefonunun kapali olsa bile
yalnizca varliginin bile siirlis performansini anlamli sekilde etkiledigini gostermistir.
Ozellikle telefonuna yiiksek derecede bagl olan siiriiciilerde bu etki daha da belirgin
hale gelmistir. Ozetle, cep telefonuna bagh dikkat dagmikligi, yalnizca kullanim
antyla sinirli kalmamakta, telefonun varligi dahi siiriis performansini olumsuz

etkileyebilmektedir.

Cep telefonuyla ilgili dikkat daginiklig tiirleri arasinda, son yillarda sosyal medya
kaynakli dikkat dagmikligi yol giivenligi uzmanlarimin dikkatini ¢ekmeye
baslamistir. Sosyal medya, diinya genelinde bireylerin giinliik yagaminin ayrilmaz bir
pargas1 haline geldikce, bu mecralarin siiriis gibi diger yasam alanlar1 iizerindeki
etkisi de onemli bir arastirma konusu haline gelmistir. RAC’nin 2024 yilina ait Stiriis
Raporu'na gore, Birlesik Krallik’taki siirticiilerin %25°1 sosyal medya uygulamalari
aracilifiyla mesajlastigini, gonderi paylastigini ya da bildirimleri kontrol ettigini
kabul etmistir. Bu oran, siiriis sirasinda telefonla arama yapmaktan sonra en yaygin
ikinci cep telefonu kullanim tiiri olarak belirlenmistir. Bu bulgu, ara¢ kullanirken
sosyal medya kullanim davranislarinin daha ayrintili bicimde incelenmesi gerektigini

acikca ortaya koymaktadir.

Bu caligmada, “Sosyal Medya Kaynakli Siiriicii Dikkat Daginikligi” (SMKSDD)
kavrami ortaya konmustur. SMKSDD, siiriicliniin ara¢ kullanirken sosyal medya
uygulamalarindaki igeriklerle veya gelen bildirimlerle etkilesime geg¢mesi olarak
tanimlanir. Bu etkilesim, hem sosyal medya uygulamalar1 {izerinden baglanti
kurmay1r hem de gelen bildirimlere yanit vermeyi kapsar. SMKSDD, ¢esitliligi ve
kolay dikkat dagitict yapist nedeniyle diger cep telefonu kullanim tiirlerine kiyasla
daha biiyiik bir risk olusturabilir. Genellikle, igerigi okuma, anlama ve yanitlamaya
yonelik zihinsel dikkat (biligsel dikkat daginikligr), icerigi gormek icin siirekli gorsel

dikkat gereksinimi (gorsel dikkat daginikligl), uygulamalar arasinda gezinirken
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telefonu fiziksel olarak kullanma (fiziksel dikkat daginikligi) ve iceriklere ait sesli
uyarilart dinleme (isitsel dikkat daginikligi) gibi farkli dikkat dagimiklig: tiirlerini
ayni anda barindirir (Regan & Hallett, 2011). Ayrica, mesajlasma ya da arama gibi
etkilesim tilirlerinden farkli olarak, sosyal medya kullanim1 genellikle kars1 taraftan
yanit gerektirmedigi i¢in kullanici tarafindan zamanlamasi ve siiresi belirlenen bir
dikkat dagmikligi bigimidir. Bu da siiriictilerin diledikleri zaman ve sekilde sosyal

medya ile ilgilenmesine olanak tanir.

SMKSDD {izerine yapilan calismalar olduk¢a sinirhdir. Xydianou vd. (2019),
Yunanistan’da geng siirliciilerle yaptiklar1 calismada, katilimcilarin yarisindan
fazlasinin siirlis sirasinda  ¢evrim i¢i  kaldigini ve birgok sosyal medya
uygulamasindan bildirim aldigini bildirmistir. Katilimcilari %15,1°1 bu bildirimleri
okuyup yanitladigini, %36,3’i ise ara¢ kullanirken telefonlarina yogun bagimlilik
hissettiklerini ifade etmistir. SMKSDD'nin bu kadar yaygmn olmasi, siiriicii
performansi tizerindeki etkilerini daha da Onemli bir arastirma konusu haline
getirmistir. McNabb ve Gray (2016), sosyal medya kullaniminin siiriiciilerin takip
mesafesi degiskenligi, bakis davranislar1 ve zihinsel yiikleri tizerinde olumsuz etkiler
yarattigini ortaya koymustur. Hashhash vd. (2019) ise, sosyal medya kullaniminin
stirticiilerin dikkatini dagitma acisindan mesaj yazmak kadar tehlikeli oldugunu,
ancak katilimcilarin sosyal medya kullanimmin bu kadar zararli olduguna
inanmadiklarin1 belirtmislerdir. D’Amico vd. (2020) da SMKSDD'nin kaza sayisini
artirdi@ini, tepki siiresini uzattigini ve genel siiriicii performansint 6nemli 6l¢iide
diistirdiigiinii goéstermistir. Bu bulgular, SMKSDD’yi mobil telefon kullanimina bagh
olarak ortaya cikan ciddi bir dikkat daginiklig1 bi¢imi olarak 6ne ¢ikarmaktadir.

Her ne kadar son yillarda yapilan arastirmalar SMKSDD’nin yayginligini ve
olumsuz etkilerini ortaya koymus olsa da bu davranisin arkasinda yatan nedenler
literatiirde heniiz yeterince ele almmanustir. Ote yandan, genel olarak arag
kullanirken cep telefonu kullanimi ya da mesajlasma gibi 6zel tiirleri iizerine yapilan
cok sayida arastirma, bu davraniglarin demografik 6zellikler, kisilik 6zellikleri ve
sosyo-bilissel faktorler gibi ¢esitli onciillerle iliskili oldugunu gdstermistir. Sosyal

medya kullanimi da cep telefonu kullaniminin bir alt tiirii oldugundan, sonraki
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boliimlerde ele alinacak bu faktorlerin SMKSDD ile de benzer iliskiler

gosterebilecegi varsayilabilir.

Stiriis sirasinda cep telefonu kullannminin 6nciil faktorleri yillar iginde kapsamli
sekilde arastirllmistir. Bu davranigla iligkili faktorler iki ana baglik altinda
simiflandirilabilir:  bireysel farkliliklarla iligkili faktorler (6rnegin demografik
ozellikler ve kisilik o6zellikleri) ile sosyo-bilissel faktorler (6rnegin risk algisi,
tutumlar, inanglar ve bu davranisa iliskin normlar). Bireysel faktorler, kimlerin siiriis
sirasinda cep telefonu kullanma olasiliginin daha yiiksek oldugunu acgiklamaya
yonelikken; sosyo-biligsel faktorler, bu davranisin arkasindaki psikolojik nedenleri

anlamaya yardimci olmaktadir.

Brusque ve Alauzet’e (2008) gore, siiriis sirasinda cep telefonu kullaniminda en ¢ok
iliskilendirilen bireysel degisken yastir. Geng siiriicliler, bu davranis ile kazalar
arasindaki iliskide orantisiz sekilde temsil edilmektedir (Lipovac vd., 2017; Bener
vd., 2006) ve daha yash siiriiciilere kiyasla mesajlasma gibi cep telefonu kullanimina
daha yatkindirlar (Li vd., 2018; Slepicka, 2018). Ancak diger yandan, cep telefonu
kaynakli dikkat daginikligi yash siirticiilerin performansin1 daha fazla olumsuz
etkilemektedir (Liang & Yang, 2022). Siiriis deneyimi ve maruziyet agisindan
bakildiginda, Oviedo-Trespalacios vd. (2017), her ek siiriis saati ve son ii¢ yilda
alan her trafik cezasinin, arag kullanirken mesajlasma olasiligini sirasiyla 1,23 ve
1,66 kat artirdigim bildirmistir. Universite Ogrencileri arasinda, ehliyet yili ile
mesajlagsma siklig1 arasinda da pozitif bir iligki bulunmustur. Bu durum, siiriisiin
zamanla daha rutin bir aktiviteye doniismesiyle agiklanabilir. Rutinlesme, siiriisiin
daha az dikkat gerektirdigi algisini artirabilir ve bu da siiriicliniin ikincil gorevleri

daha az riskli ve daha keyifli gormesine neden olabilir (Slepicka, 2018).

Cinsiyet farkliliklarma bakildiginda, aragtirmalar genel olarak kadin ve erkek
stiriciiler arasinda siiriis sirasinda mesajlasma sikligi bakimindan anlamli bir fark
olmadigini gostermektedir (Nemme & White, 2010; Struckman-Johnson vd., 2015;
Hallett vd., 2012; Cook vd., 2018; Slepicka, 2018). Ancak, Struckman-Johnson vd.
(2015), cinsiyetler arasinda bu davranisa yonelik motivasyonlarin farklilik

gosterdigini belirtmistir. Erkek siirliciilerde, mesajlasma davranisindaki en biiyiik
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varyans (%20), dikkat dagmikligi hissinin diisiik olmasiyla aciklanirken; kadin
stiriciilerde bu davranis daha ¢ok cep telefonu bagimliligi (%10,4) ve riskli davranis

egilimleri (%9,9) ile iliskilendirilmistir.

Kisilik ozelliklerine iligkin c¢aligmalar ise gorece az sayida olmakla birlikte,
genellikle Bes Biiyiik Kisilik Modeli (John & Srivastava, 1999) ve diirtiisellik
tizerine odaklanmistir. Deneyime agiklik, disadoniikliik, nevrotiklik ve sorumluluk
gibi kisilik boyutlari, 6zellikle geng siiriiciilerde, siirlis sirasinda arama yapma ve
mesajlasma davraniglartyla pozitif iligkilendirilmistir (Bianchi & Philips, 2005; Parr
vd., 2016; Schroeder & Sims, 2015; Ehrenberg vd., 2008). Buna karsilik, uyumluluk
degiskeni bu davranisla negatif iliski gostermistir (Parr vd., 2016; Ehrenberg vd.,
2008). Diirtiisellik de dikkat daginiklig ile iligkili dnemli bir kisilik 6zelligi olarak
one c¢ikmaktadir. Dirtiisellik, davranisin olast risklerini kiigiimseme egilimi ile
tanimlanmakta (Dawe vd., 2004) ve diger riskli siiris davraniglarinda da rol
oynamaktadir (Bicaksiz & Ozkan, 2016). Birgok calisma diirtiiselligin, arag
kullanirken mesajlasmayi artirdigi yoniinde bulgular sunmustur (6rnegin Brown vd.,

2021; Struckman-Johnson vd., 2015).

Sosyo-biligsel faktorler agisindan, siirliciilerin biiyiik cogunlugu cep telefonu
kullantminin riskli oldugunu kabul etse de bu risk algist cogu zaman davranis
engellememektedir (Prat vd., 2015). Baz1 calismalar yiiksek risk algisinin bu
davranigi azaltabilecegini gosterirken (Beck vd., 2016), diger ¢alismalar risk algisiyla
davranig arasinda anlamli ya da beklenenin tersine pozitif iliskiler bulmustur (Prat
vd., 2015; Dillow vd., 2015). Bu g¢eliskili bulgular, bu davranigin altinda yatan

psikolojik siireclerin karmasik oldugunu gostermektedir.

Bu karmasikligi anlamak i¢in arastirmacilar planli davranis teorisi (PDT; Ajzen,
1991) ve prototip isteklilik modeli (PIM; Gibbons vd., 1998) gibi teorik modeller
cercevesinde tutumlar, normatif inanglar, kontrol inanglar1 ve prototip algilar1 gibi
bircok sosyo-biligsel faktorii incelemistir. PDT kapsaminda yapilan ¢aligmalar,
olumlu tutumlar ve akran onaymin cep telefonu kullanim niyetinin en giicli
belirleyicileri oldugunu gostermektedir. Ancak algilanan davranis kontrolii

degiskenine iliskin bulgular celigkilidir. Nemme ve White (2010), siiriiciilerin bu
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davranig1 gerceklestirme yeterliligine inansalar da bu inancin gergcek davranisi
ongdrmedigini belirtmistir. Bu durum, cep telefonu kullaniminin daha ¢ok tepkisel

ya da otomatik siireclerle gergeklestigine isaret ediyor olabilir.

PIM ¢ergevesindeki calismalar ise tutum ve normatif inanglara ek olarak, prototip
algilarinin da bu davranis1 agiklamada 6nemli oldugunu ortaya koymustur. Kisinin
kendisine benzer ve olumlu olarak degerlendirdigi prototip algilari, siiriis sirasinda
cep telefonu kullanma istekliligiyle anlamli sekilde iliskilidir. Bu bulgu, PDT'deki
kontrol inanci ile gercek davranis arasindaki celiskili iliskiyi de agiklayabilir. PIM'e
gore, siiriis sirasinda cep telefonu kullanimi, daha ¢ok tepkisel bir stirectir (Preece
vd., 2018); bu nedenle 6z-yeterlilik gibi akilc1 degerlendirmeler, gergek davranisi

dogrudan dngdérmeyebilir.

Bu modellerin yani sira, aliskanlik da siiriis sirasinda cep telefonu kullanimini
aciklayan onemli bir degisken olarak ele alinmistir. Erken donem ¢aligsmalarda
aligkanlik, ge¢mis davramis sikligiyla Olgiilmiistiir. Bu g¢alismalar, cep telefonu
kullanimimnin sik tekrarlanmasinin dikkat dagmikligina neden olan davranmislarla
iliskili oldugunu gostermistir (Shevlin & Goodwin, 2019; Bazargan-Hejazi vd.,
2017). Daha giincel ¢alismalar ise aligkanligi otomatik davranig olarak
kavramsallastirmakta ve bu aligkanligin siiriis sirasinda cep telefonu kullanimini da
Ongordiiglini ortaya koymaktadir (Demir vd., 2023; Hansma vd., 2020). Bu da siiriis

sirasinda cep telefonu kullaniminin zamanla otomatiklesebilecegini gostermektedir.

Genel olarak onceki ¢aligmalar, siiriis sirasinda cep telefonu kullaniminin arkasindaki
dikkat dagmikliginin ¢ok boyutlu bir yapida oldugunu ortaya koymaktadir. Bu
nedenle, davranigin altinda yatan farkli psikolojik siireclerin, c¢esitli kuramsal
cerceveler ve modeller araciligiyla daha ayrintili bicimde incelenmesi gerekmektedir.
Bu tiir bir yaklagim, daha etkili miidahale stratejileri gelistirmek i¢in 6nemli katkilar

sunabilir.

Planli Davranigs Teorisi’ni (PDT; Ajzen, 1991) modeli gergevesinde algilanan
davranig kontrold, tutumlar ve 6znel normlar niyetin ve niyet ve algilanan davranis

kontrolii de davranigin dogrudan bir yordayicist olarak islev goriir. Saglikla iliskili

108



davraniglar1 agiklamak amaciyla yaygin olarak kullanilan modellerden biri olan
Planli Davranig Teorisi’nin (PDT) hem 6zglin hem de genisletilmis versiyonlari,
stirlis sirasinda cep telefonu kullanimina bagl dikkat daginikligini incelemek igin
bircok ¢alismada kullanilmistir. Tutumlar ve 6znel normlarin, siiriiciilerin niyetlerini
(Okati-Aliabad vd., 2024; Nemme & White, 2010; Tian & Robinson, 2017; Wang,
2016) ve dikkat daginikligina yol agan cep telefonu kullanimini (Okati-Aliabad vd.,
2024; Demir vd., 2023; Hansma, 2020) yordadig1 gosterilmistir. Ozellikle, ¢evredeki
kisilerin bu davraniglar1 onaylamasi ve kabul etmesi, siiriiciilerin bu tiir davranislara
yonelme olasiligini anlamli sekilde artirmaktadir. Benzer sekilde, algilanan davranis
kontrolii de siiriis sirasinda cep telefonu kullanimi ve mesajlagsma niyetiyle
iliskilendirilmistir (Demir vd., 2023; Okati-Aliabad vd., 2024; Prat vd., 2015;
Przepiorka vd., 2018). Ancak, Nemme ve White (2010), algilanan davranis
kontroliiniin siiriis sirasinda mesajlasma davranisint 6ngordigiinii kabul etmekle
birlikte, bir hafta sonra yapilan 6l¢iimde bu degiskenin ger¢ek davranisla iligkili
olmadigint belirtmistir. Ciinki mesajlasma, goniillii bir davranistir; yani birey,
davranis iizerindeki kontroliine inaniyor olsa bile, bu davranistan bilingli olarak

kacinmayi tercih edebilir.

Gibbons vd. (1998), ozellikle riskli durumlari degerlendirmede yetersiz kalan
ergenler arasinda, tiim riskli davraniglarin bilingli ve mantikli karar verme
siireclerinin sonucu olmadigmi agiklamak amaciyla Prototip Isteklilik Modeli’ni
(PIM) ortaya koymuslardir. Bu modele gore bireyler, bazi durumlarda karsilarina
cikan riskli davrams firsatlarina ani ve tepkisel sekilde yanit verebilirler. PIM, iki
ayr1 davranig yolunu igeren ¢ift siire¢li bir model olarak isler: planl (akilct) yol ve
sosyal-tepkisel yol. Planli yol, Planli Davranis Teorisi (PDT) ile uyumlu sekilde,
tutumlar ve 6znel normlarin davranisin temel belirleyicisi olan niyetleri etkiledigini
one siirer. Ote yandan sosyal-tepkisel yol; tutumlarin yam sira, bireyin kendine
benzer gordiigii prototiplere iliskin algilar ve davranisa yonelik isteklilik gibi
faktorleri temel alir. PIM’in siiriis sirasinda cep telefonu kullanimini anlamada
faydali bir model oldugu kanitlanmistir. Preece vd. (2018), davranisa yonelik
istekliligin hem ara¢ kullanirken hem de ara¢ dururken mesajlasma davranigini
yordadigini gostermistir. Ayrica olumlu tutumlar ve olumlu prototip algilarinin, geng

stiriciilerin bu davraniga yonelik istekliligini artirdigint belirtmislerdir. Benzer
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sekilde, Bazargan-Hejazi vd. (2017) da geng siiriiciiler arasinda siirlis sirasinda
mesajlagsmaya yonelik istekliligi incelemis ve algilanan davranis kontrolii ile niyet
arasindaki iliskide, niyetin anlamli bir arac1 degisken oldugunu bulmuslardir. Rozario
vd. (2010) ise PDT modeline davranigsal istekliligi entegre ederek, 6znel normlarin
Ozellikle arkadaslarla ara¢ kullanirken cep telefonu kullanma istekliligini
yordadigini, ancak yalnizken bu iliskinin daha zayif oldugunu raporlamislardir.
Genel olarak bu ¢aligsmalar, siiriis sirasinda cep telefonu kullaniminin planli olmaktan
cok tepkisel bir davranis olabilecegini gostermekte; bu da Walsh ve White’in (2006)
cep telefonu kullaniminin ¢ogunlukla plansiz ve kendiliginden gelisen bir davranig

oldugu yoniindeki goriistiyle ortiismektedir.

Aligkanlik, bireylerin belirli bir davranis1 tekrar etmeleri ve istikrarli bir baglamda bu
davranigtan 0diill almalar1 sonucunda olusan ipucu-tepki iligkileriyle tanimlanir
(Gardner, 2015; Wood & Riinger, 2016). Bu ipucu-tepki iligkisi baslangicta niyetler
ve hedefler araciligiyla gelisebilir. Ancak zamanla, bu istikrarli baglam, niyet ya da
bilin¢li bir hedef olmaksizin davranisi tetikleyebilir hale gelir (Mazar & Wood,
2018). Aliskanligi 6lgmede en yaygin kullanilan yontemler, aliskanligin iki temel
Ozelligini bir araya getirir: davranisin siklig1 ve istikrarli bir baglamda ger¢eklesmesi.
Bu olglimler, bir davranigin sabit bir baglamda tekrar edilmesinin zamanla
aligkanliga doniistiigli varsayimina dayanir. Ancak, aliskanlifi ge¢mis davraniga
dayanarak Ol¢cmenin, aslinda aligkanlig1 yansitmayan bagka faktorleri de kapsadig
one siiriilmiistiir (Ajzen, 2002). Bu tiir 6l¢limler ayrica aligkanligin en temel 6zelligi
olan otomatikligi yakalayamamaktadir. Bu eksikligi gidermek amaciyla Verplanken
ve Orbell (2003), aliskanlik davranisindaki otomatikligi ve bireyin bu davranisla
dzdeslesmesini yakalayabilmek i¢in Oz-Bildirimli Aliskanlik Olgegi’ni gelistirmistir.
Bu 6lcek, gecmis davranisa dayali 6lglimlerin iginde sakli kalabilecek diger etkileri
de dikkate almak iizere tasarlanmistir. Olgegin ilk versiyonu, aliskanliklarin
ozelliklerine dayanilarak gelistirilmistir: tekrar gecmisi, davranis kontroliindeki
zorluk, farkindalik eksikligi, verimlilik ve davranigla 6zdeslesme. Baslangicta,
aligkanliklarin  niyetten bagimsizligi o6zelligi 6lcekte yer almamistir. Ancak
LaRose’un (2010) elestirileri dogrultusunda, ge¢mis davranis sikligin1 Olgen
maddeler ¢ikarilmis ve davranisin niyet olmadan gergeklesmesini yansitan bir madde

eklenmistir. Olcegin son hali, sigara ve alkol kullanim1 (Orbell & Verplanken, 2010),

110



beslenme ve fiziksel aktivite (Gardner vd., 2012), riskli siirlicii davraniglart (Demir
vd.,, 2023; Lheureux vd., 2016) gibi Dbirgcok alanda aligkanliklarin

degerlendirilmesinde etkili bir ara¢ oldugunu kanitlamistir.

Siirlis sirasinda cep telefonu kullaniminin bireyin niyetiyle iliskili olduguna dair
giiclii kanitlar bulunmakla birlikte (6rnegin, Demir vd., 2023), bazi ¢alismalar, cep
telefonu kullanim aligkanliklarinin bu davranisa doniisebilecegini ortaya koyarak,
siirlis sirasinda cep telefonu kullaniminin otomatik olup olamayacagi sorusunu
giindeme getirmistir. Bu konuda yapilan ilk c¢aligmalardan birinde Bayer ve
Campbell (2012), otomatik olarak mesajlasan geng¢ yetiskinlerin ara¢ kullanirken
daha sik mesajlastigini bulmustur. Bu bulgular, siiriis sirasinda cep telefonuna bagh
dikkat daginikliginin otomatik dogasina isaret etmektedir. Benzer sekilde Panek vd.
(2015), otomatiklik ve farkindalik diizeylerinin hem ara¢ kullanirken hem de
yirlirken mesajlasma tizerindeki etkisini incelemis; otomatik mesajlasma
davranisinin bu davraniglarin sikligiyla pozitif iligkili oldugunu, farkindaligin bir
boyutu olan “bilin¢li farkindalikla hareket etme’nin ise negatif iligkili oldugunu
gostermistir. Bu durum, bu tiir davranislarin farkindalik disinda gergeklestigini ve
aligkanliklarin = 6zellikle “farkinda olmama” 6zelligiyle tehlikeli mesajlasma
davranmiginda etkili oldugunu gostermektedir (Bargh, 1992; Gardner vd., 2012).
Ayrica, Moore ve Brown (2019), aliskanlik diizeyindeki mesajlasma davranisi,
bireysel 6z-diizenleme kapasitesi, kisisel farkindalik ve ara¢ kullanirken mesajlasma
arasindaki iliskileri incelemistir. Aliskanlik diizeyindeki mesajlasma davranisinin,
0z-dlizenleme ile siiriis sirasinda mesajlasma arasindaki iliskide aract degisken
oldugu bulunmustur. Bu da 6z-diizenleme kapasitesi diisiik olan siiriiciilerin bu
aligkanlhig1 gelistirmeye ve siirlis sirasinda mesajlasma davranisina daha yatkin
olduklarimi gostermektedir. Ayrica, farkindalik diizeyinin bu iligkiyi anlamh sekilde
zayiflattig; yani disiik diizeyde farkindaliga sahip bireylerin siirlis sirasinda
aligkanlikla mesajlasmaya daha meyilli oldugu ortaya konmustur. Son dénemde
yapilan ¢aligmalar, genel cep telefonu kullanim aliskanliklarina odaklanmaktadir.
Hansma vd. (2020), aligkanlik giicliniin siiriis sirasinda cep telefonu kullanimina
etkisini incelemis ve bu iligkinin PDT degiskenleri (tutum, 6znel norm, algilanan
davranig kontrolii ve 0z-yeterlik) kontrol edildikten sonra bile anlamli kaldigim

ortaya koymustur. Bu bulgu, siiriis sirasinda cep telefonu kullaniminin sadece akilci
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stireclerle degil, otomatik siireglerle de iliskili olabilecegini gdstermektedir. Bu
otomatik siireclerin, akilc1 biligsel siirecleri bastirabilecegi veya onlarla etkilesim
iginde olabilecegi diisiincesinden yola ¢ikarak, Demir vd. (2023) otomatik siirece
dair yollar1 modellemistir. Daha 6nceki bulgularla uyumlu sekilde, aliskanlik giicti
PDT degiskenlerinin &tesinde davranist yordamakta; dolayisiyla bu davranigin
tamamen bilingli ve planli olmayabilecegini, otomatik 6zellikler de tasiyabilecegini
gostermektedir. Ayrica, aligkanlik giicliniin tutumlari, 6znel normlar1 ve algilanan
davranig kontroliinii pozitif yonde etkiledigi bulunmustur. Bu durum, davranis
otomatik olmasa bile, aligkanliklarin akile1 stiregleri etkileyerek davranisa katki

saglayabilecegini diislindiirmektedir.

Tiim bu bulgular, siiriis sirasinda cep telefonuna bagli dikkat dagmikliginin karmasik
dogasin1 ve bu davranistaki aligkanlik egilimlerinin 6nemini vurgulamaktadir. Bu
nedenle, Sosyal Medya Kaynakli Siirticti Dikkat Daginiklig1 gibi bir davranigin nasil
gerceklestigini anlamak icin, birden fazla davranis teorisini ve yaklasimini birlestiren

daha biitiinciil ve ¢cok boyutlu bir yaklasim gereklidir.

Benzer hedeflere sahip olmasi nedeniyle bir¢ok calismada Planli Davranis Teorisi
(PDT) ile Prototip Isteklilik Modeli (PIM) birlestirilerek biitiinciil bir yaklagim
benimsenmistir. Ornegin Rivis vd. (2006), bu biitiinlesik modeli hem saglik
koruyucu davraniglarda (6rnegin egzersiz, uyku, kahvalti yapma) hem de saglik
acisindan riskli davraniglarda (6rnegin alkol tiiketimi, yagh yiyecek tiiketimi, sigara
kullanimi) test etmis ve PIM degiskenlerinin (prototip algis1 ve tanimlayici normlar)
PDT’ye eklenmesinin agiklanan varyansi her bir davranista ortalama %35 oraninda
artirdigmi bulmustur. Bu da PIM degiskenlerinin niyet iizerinde onemli birer
yordayici oldugunu gostermektedir. Sonraki bir ¢alismada, Rivis vd. (2011), PDT
modeline davramigsal isteklilik degiskenini ekleyerek gen¢ ve yash siiriiciilerin
alkollii ara¢ kullanma davranislarini agiklamaya calismis ve modelin sirasiyla geng
stiriciilerde %59, yash siiriictilerde %23 oraninda varyansi agikladigini raporlamigtir.
Ayrica algilanan davranis kontrolii ile 6znel normlarin istekliligi yordadigim
gostermislerdir; bu iki degisken, orijinal PIM modelinde yer almamaktadir (Gibbons
vd., 1998). Bu c¢alismalar, iki farkli davramis modelinin birlestirilmesinin,

davraniglarin psikolojik siireglerini daha ayrintili sekilde anlamaya ve sosyo-bilissel
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faktorlerin karar verme siireglerini nasil sekillendirdigini ortaya koymaya olanak
sagladigin1 ve boylece daha uygun miidahalelerin gelistirilmesine katki sundugunu

gostermektedir.

Benzer bir biitiinciil yaklasim, trafik glivenligi alanindaki ¢aligmalarda da gereklidir.
Baz1 aragtirmalar riskli siiriici davranislarini test etmek i¢in bu modellerin yapilarimi
biitiinlestirmistir. Ornegin, Demir vd. (2019), yaya kural ihlallerini agiklamak icin
her iki modeli birlikte kullanmis ve bu birlesik modelin, standart PDT’ye kiyasla
davranigin varyansint %23 oraninda daha fazla agikladigini1 bulmustur. Ayrica, niyet
yerine istekliligin yaya ihlallerini daha giiclii bir sekilde yordadigini ve bu tiir
ihlallerin daha ¢ok kendiliginden gerceklesen davranislar oldugunu belirtmislerdir.
Wang ve Xu (2021) ise geng siiriiclilerin serit degistirme davranisina devam etme
konusundaki niyetlerini ve istekliliklerini incelemis, algilanan davranis kontroliiniin
isteklilik tizerinde anlaml1 bir yordayici oldugunu gostermistir. PDT cercevesinde 0z-
yeterlik, niyet ve davranisin temel belirleyicisi olarak tanimlansa da (Ajzen vd.,
2011), bu bulgu algilanan davranmis kontroliiniin tepkisel karar alma siireclerini de
tetikleyebilecegini gostermektedir. Bu calismalar, bir davramisin arkasindaki
mekanizmalar1 derinlemesine anlamak icin kapsamli bir yaklasimin Onemini

vurgulamaktadir.

Daha once de belirtildigi tizere, bir davranis sadece akilc1 ya da tepkisel degil, aynm
zamanda otomatik de olabilir. Bu nedenle, davranis modellerine aliskanlik
boyutunun dahil edilmesi, arastirmacilara belirli bir davranisin daha biitiinciil yontinii
yakalama firsat1 verir. Geleneksel aligkanlik yaklagimina gore, aliskanliklar karsit
niyetleri bastirarak davranislari siirekli olarak harekete gecirebilir (Hall & Fong,
2007). Ancak saglik davramiglarina yonelik aligkanlik g¢alismalart bazi celiskili
bulgular sunmustur (de Bruijn vd., 2009; Gardner, 2015). Ornegin, Quinn vd.’nin
(2010) giinliik tiiketim iizerine yaptig1 bir ¢aligmada, katilimcilar sabit baglamlarda
gerceklestirdikleri istenmeyen davraniglar tetikleyen ipuglarini dikkatle izleyerek bu
davraniglar1 engelleyebildiklerini belirtmislerdir. Bu bulgu, aliskanliklarin yeterli
irade giicli veya 0z-diizenleme becerisiyle bastirilabilecegini gostermektedir (Neal

vd., 2012).
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Gardner (2015), aliskanlikla ilgili davranislar1 anlamak i¢in daha genis yelpazede
paradigma, tasarim ve yontemlerin kullanilmasi gerektigini One siirmils ve
aliskanligin, bir baglamin ipucu 6grenilmis davranisa yonelim olusturdugu bir siire¢
olarak degerlendirilmesi gerektigini savunmustur. Bu silireg, baska kaynaklardan
gelen diirtiiler ya da engellemelerle yarisabilir veya onlarla birlesebilir. Dolayisiyla,
cok giiclii aligkanliklar bile bazi kosullarda baska kuvvetlerin etkisiyle akilct kontrol
altina alnabilir. Aliskanligin Planli Davranis Teorisi (PDT) ve Prototip Isteklilik
Modeli (PIM) gibi akilc1 modellere entegrasyonu, otomatik siireclerden akilcr siirece

gecisi agiklamak agisindan degerli kanitlar sunabilir.

Aligkanlik giiciiniin siirlis sirasinda cep telefonu kullanimini agiklamadaki roliinii
inceleyen iki calisma (Hansma vd., 2020; Demir vd., 2023), aliskanlik giiciiniin
akiler siireglerle etkileserek bu davranis1 yordayabildigini ve diger yapilarin
yordayiciligini ortadan kaldirabildigini gostermektedir. Ancak bu g¢aligmalarin bazi
siirhiliklart vardir. Hansma vd. (2020), PDT nin yapilar1 kontrol edilerek aligkanlik
giicliniin etkisini incelemis, ancak niyet degiskenini modele dahil etmemistir. Ayrica
aliskanligin diger yapilarin {izerindeki etkisine dair herhangi bir bulguya yer
verilmemistir. Bu durum, aliskanligin niyetten bagimsiz etkisini sorgulamaya acik
birakmaktadir. Demir vd. (2023), aligkanligin tutum, 6znel norm ve algilanan
davranig kontrolii gibi PDT degiskenleri tizerindeki etkisini gostererek bu sinirliligin
bir kismini ele almis, ancak onlar da niyet degiskenini dahil etmemistir. Dolayisiyla,
aligkanliklarin gercekten niyetten bagimsiz bir etkisi olup olmadigi sorusu hala tam
olarak yanitlanmamustir. Siiriis sirasinda cep telefonu kullaniminin her zaman niyetli
bir davramis olmadigimi iddia edebilmek i¢in, aligkanliklarin niyet iizerindeki

etkisinin de biitiinciil bir PDT modeli ¢er¢evesinde degerlendirilmesi gerekmektedir.

Her ne kadar aligkanlik ve isteklilik farkli kavramlar olsa da ikisi de tepkisel siirecleri
yansitir. Aligkanliklar otomatik, ipucu-tetikli diirtiilere dayanirken (Gardner, 2015),
isteklilik belirli kosullara verilen anlik tepkileri ifade eder (Strack vd., 2004).
Aligkanliklarin erteleme becerisini ve diirtii kontroliinii olumsuz etkiledigi (Wilmer
& Chein, 2016) ve dirtiisellik ile pozitif iliskili oldugu (Yeomans vd., 2023)
bilinmektedir. Bu da aligkanliklarin 6zellikle aliskanligin gelistigi kosullara benzer

durumlarda bireylerin tepkisel davraniglarini etkileyebilecegini diisiindiirmektedir.
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Ohtomo (2013), sagliksiz yeme aligkanliklarinin bireylerin niyetlerini degil,
istekliliklerini ve davraniglarini dogrudan etkiledigini gostererek, aligkanlik giiciiniin
davranis kontrol siirecini degistirdigini One stirmiistiir. Giiglii aliskanlik egilimleri,
niyet temelli kontrolii bastirabilir ve bireylerin belirli kosullarda otomatik ya da
tepkisel olarak davranmasina neden olabilir. Ancak saglik alanindaki bazi bulgular
bu konuda tutarsizlik géstermektedir. Ohtomo ve Kimura (2022), COVID-19’a karsi
alinan Onleyici davranislara iligkin aligkanliklarin, bireylerin bu davranislara yonelik
isteklilikleriyle degil, niyetleriyle iliskili oldugunu ortaya koymustur. Bu calisma,
karsit davranisa yonelik istekliligi ve Onleyici davranigsa yonelik aliskanlik giicti ile
niyeti Ol¢tiigii i¢in, aligkanlik giiciinlin isteklilikle iliskili olmadigini degil, karsit

davranisin engellenmesini 6ngérmedigini ileri siirmektedir.

Trafik giivenligi alaninda, aligkanlik giicii ve isteklilik kavramlarimi birlikte ele alan
bir ¢alisma yapilmamistir. Bu c¢alismanin kapsaminda, sosyal medya kullanimina
iligkin aligkanlik giicliniin, siiriis sirasinda bu davramisi gerceklestirmeye yonelik
isteklilikle iligkili olabilecegi varsayilmaktadir. Sosyal medya kullaniminin ytiksek
diizeyde aligkanlik igeren bir davranis olmasi (Meier vd., 2023; Turel & Serenko,
2017), bireylerin belirli kosullar altinda bu davramis1 sergileme egilimini
etkileyebilir. Ornegin, gelen bir bildirim sesi ya da can sikintist hissi, siiriis sirasinda
bireyin en sik kullandig1 ya da 6diil aldigi sosyal medya uygulamasina yonelme
diirtiisiinii tetikleyebilir. Bu diirtiisel davraniglar, 6zellikle trafik agisindan daha az

riskli durumlarda daha olasi hale gelebilir.

Bu ¢alisma, Sosyal Medya Kaynakli Siiriicii Dikkat Daginikligi davranisinin ne
derece akilci, tepkisel ve aliskanlik temelli oldugunu ortaya koymay1; her bir siireci
hem ayr1 ayr1 hem de biitiinlesik bir ¢ercevede inceleyerek anlamay1 amaglamaktadir.
Bu amaci gergeklestirmek iizere, calisma Sosyal Medya Kaynakli Siirticii Dikkat
Daginikligi (SMKSDD) davranisini agiklamak i¢in ii¢ kuramsal ¢ergeveyi bir arada
kullanmaktadir: akilct siireci incelemek i¢in Planli Davranis Teorisi (PDT), tepkisel
siireci yakalamak icin Prototip Isteklilik Modeli (PIM), otomatik ve diisiiniilmeden
gerceklesen katilimi 6lgmek i¢in aliskanlhik giicii.
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Yontem

Calismay1 toplamda 673 kisi tamamlamis, eksik yanitlar veya hatali veri girisleri
nedeniyle 257 katilimci analiz dist birakilmistir. Nihai analiz 416 katilimer ile
yirltilmistir. Katilimcilarin yas ortalamast 31.9°dur (SS = 10.9) ve cinsiyet
dagilimi dengelidir (%49 kadin, %51 erkek). Katilimcilarin %47,8’1 neredeyse her
giin ara¢ kullandigimi belirtmistir. Cogunluk, aktif (%63) ve pasif (%72,6) kazalara
karismadigini bildirmistir. Katilmceilarin %39’u giinliik 3-5 saat, %24,5°1 ise 3-5
saat arasinda sosyal medya kullandigini ifade etmistir. Etik onay Orta Dogu Teknik
Universitesi Etik Kurulu’ndan alinmustir. Katilimeilar ¢evrim ici anket, sosyal medya
ve ODTU Psikoloji Béliimii 6grencilerine yonelik SONA sistemi araciligiyla goniillii

olarak arastirmaya dahil edilmistir.

Katilimcilardan ¢alismaya baslamadan dnce bilgilendirilmis onam alinmis, ardindan
demografik bilgiler, sosyal medya kullanim aliskanligi, siiriis sirasinda sosyal medya
kullanim siklig1 ve Planli Davranis Teorisi (PDT) ile Prototip Isteklilik Modeli (PIM)

cercevesinde belirlenen degiskenleri iceren anket formunu doldurmalar1 istenmistir.

PDT kapsaminda tutumlar, 6znel normlar, algilanan davranis kontrolii ve niyet
olgiilmiistiir. PIM kapsaminda ise prototip benzerligi, prototipe yonelik olumlu
algilar ve isteklilik degerlendirilmistir. Her biri glivenilirlik diizeyleri yiiksek
Olgeklerle olgiilmiistiir (Cronbach’s alfa degerleri .71 ile .89 arasinda degismektedir).
Tutumlar, siiriis sirasinda sosyal medya kullanimina yonelik algilar1 yansitan bes ¢ift
sifatll madde ile degerlendirilmistir. Oznel normlar, kisinin ¢evresindeki &nemli
kisilerin bu davranis1 sergileyip sergilemedigi ve onaylayip onaylamadigina iliskin
dort maddeyle olciilmiistiir. Algilanan davranis kontrolii, bu davranisin kolayligi ve
kontrol edilebilirligine dair dért maddeden olusmustur. Niyet, siiriis sirasinda sosyal
medya kullanmay1 planlama diizeyini 6lgen iki maddeyle degerlendirilmistir. PIM
cercevesindeki prototip benzerligi ve olumlu prototip algisi, kisinin siirlis sirasinda
sosyal medya kullanan tipik bireyle kendisini ne kadar 6zdeslestirdigini ve bu
bireyleri ne derece olumlu degerlendirdigini 6lgen dort maddeyle belirlenmistir.
Isteklilik, siiriiciiniin belirli durumlarla karsilastiginda bu davramsi gerceklestirme

istegini dlgen iki maddeyle degerlendirilmistir.
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Sosyal medya kullanim aliskanligi, Oz-Bildirimli Aliskanlik Olgegi araciliiyla
Ol¢iilmiistiir. Bu 0Olg¢ek, sosyal medya igeriklerine gz atma ve gelen bildirimleri
kontrol etme gibi davramislar1 ne derece otomatik gergeklestirdigini Slgen 10
maddeden olusur ve 7’li Likert tipi yanitlar igermektedir. Olgek Tiirkceye arastirmaci
ve tez danigsmani tarafindan ¢evrilmis, ardindan farkli egitim diizeylerinden {i¢ kisi
tarafindan anlasilabilirlik agisindan degerlendirilmistir. Son hali yiiksek diizeyde

giivenilirlik gostermistir (Cronbach’s alfa = .95).

Siirlis sirasinda sosyal medya kullanim sikligi, iki maddeyle (igerik gezme ve
bildirim kontrolii) 6l¢lilmiis; her birine 5°1i Likert 6l¢egi tizerinden yanit verilmistir.

Giivenilirlik diizeyi kabul edilebilir diizeydedir (Cronbach’s alfa = .76).

Demografik bilgi formunda ise katilimcilarin yas, cinsiyet, stiriis sikligi, ehliyet yili,
son bir yilda gidilen kilometre, aktif ve pasif kaza sayisi, trafik cezas1 alma durumu,
giinliik mobil telefon ve sosyal medya kullanim stireleri yer almistir. Siirtis siklig1 ve

giinliik kullanim siireleri 5’li derecelendirme 6lcekleriyle toplanmistir.

Sonuglar

Veri analizine baslamadan once veri seti diizenlenmis ve temizlenmistir. Yas, yillik
kilometre, yasam boyu kilometre, kaza ve ceza sayilar1 gibi metin formatindaki
degiskenler sayisal forma doniistiriilmistiir. Temizleme islemi tamamlandiktan
sonra faktdr skorlart hesaplanmistir. SPSS 23 siirlimiinde faktdr analizi, ikili
korelasyon analizi ve hiyerarsik regresyon analizleri gerceklestirilmis; yol analizleri
ise JAMOVI 2.3 siiriimiinde yiiriitiilmiistiir. Olgekler aras1 farkliliklar1 kontrol

edebilmek adina tiim degiskenler z-skorlarina doniistiiriilerek analiz edilmistir.

Sosyal medya kullanim aliskanligin1 8lgmek igin kullanilan Oz-Bildirimli Aliskanlik
Olgeginin Tiirkge cevirisinin faktdr yapisi incelenmis ve dzgiin yapi ile uyumlu olup
olmadig1 degerlendirilmistir. Ilk olarak, KMO o6rneklem yeterliligi .934 olarak
bulunmus ve miikemmel diizeyde uygunluk gostermistir. Bartlett testi de anlaml
cikmistir (¥*(190) = 7677.63, p < .001), bu da korelasyon matrisinin faktér analizi

icin uygun oldugunu gostermektedir. Dort faktoriin 6zdegeri birin {izerinde olsa da
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0zdegerlerdeki keskin diislis ve ¢izgi grafigi tek faktorlii yapiyr desteklemistir. Bu
nedenle analizler aligkanlik giiciinii temsil eden tek faktor tlizerine sabitlenmistir. Bu
faktor varyansin %55,2°sini aciklamistir. Faktor yiikleri .63 ile .84 arasinda
degismistir. En yiiksek yiiklenen madde “Bildirimleri kontrol etmek icin telefonu
elime almam farkinda olmadan yaptigim bir seydir” olmustur. En diisiik ytliklenen
madde ise “Telefonumu elime alip sosyal medyada zaman ge¢irmek giinlikk
rutinimin bir parcasidir” ifadesidir. Faktoriin gilivenilirligi oldukga yiiksektir (o =

96).

Genel olarak, bu sonuglar 6l¢egin giiclii bir tek boyutlu yapiya sahip oldugunu ve
orijinal formuyla tutarli oldugunu gostermektedir. Agiklanan varyans orani,
Verplanken ve Orbell’in (2003) ¢alismasinda bildirilen %47,32 ile %65,56 araligi
icindedir. I¢ tutarlilg: ve faktor yiikleri oldukga yiiksek olan bu dlgek, Tiirkiye
ornekleminde sosyal medya kullanimina iligkin otomatik ve aligkanlik temelli

davraniglar1 degerlendirmede giivenilir bir arag olarak 6ne ¢ikmaktadir.

Sosyal Medya Kaynakli Siiriicii Dikkat Daginikligi (SMKSDD), sosyal medya
kullanim aliskanhig1 giicti, PDT ve PIM yapilarma ek olarak yas, cinsiyet, ehliyet yili,
son bir yilda gidilen kilometre ve giinliik sosyal medya kullanim siiresi gibi
demografik degiskenler arasinda ikili korelasyon analizleri gerceklestirilmistir.
Sonuglara gore, SMKSDD; tiim PDT ve PIM vyapilariyla ve aliskanlik giiciiyle
anlamli ve pozitif yonde iligkilidir (alisgkanlik giicti r = .19; tutum r = .40; 6znel
normlar r = .33; algilanan davranis kontrolii r = .49; prototip benzerligi r = .43;
prototip olumlamasi r = .45; niyet r = .76; isteklilik r = .59). Demografik
degiskenlerden son bir yilda gidilen kilometre ile SMKSDD arasinda negatif bir
ilisgki bulunmustur (r = —.16), buna karsin giinliik sosyal medya kullanimi ile

SMKSDD arasinda pozitif yonde bir iliski gozlenmistir (r =.13).

Benzer sekilde, SMKSDD’ye yonelik niyet degiskeni de PDT, PIM yapilar1 ve
alisgkanlik giiciiyle pozitif iligkili bulunmustur (aliskanlik giicii r = .21; tutum r = .44;
0znel normlar r = .42; algilanan davranis kontrolii r = .52; prototip benzerligi r = .51;
prototip olumlamasi r = .52; isteklilik r = .64). Ayrica, son bir yilda yapilan kilometre

ile niyet arasinda da pozitif ve anlaml1 bir iliski saptanmistir (r = .12).
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Ote yandan, SMKSDD’ye yonelik isteklilik degiskeni yasla negatif yonde anlamli bir
iliski gostermistir (r = —.12), bu da siiriiciler yaslandikca bu davranisi
gerceklestirmeye yonelik istekliliklerinin  azaldigim1  gostermektedir. Isteklilik
degiskeni ayrica aligkanlik giicii (r = .24), tutum (r = .52), 6znel normlar (r = .35),
algilanan davranig kontrolii (r = .50), prototip benzerligi (r = .42) ve prototip

olumlamasi (r =.37) ile de anlamli ve pozitif iligkili bulunmustur.

Sosyal Medya Kaynakli Siirlicii Dikkat Dagimikliginin (SMKSDD) ne oOlglide
aligkanlik temelli (otomatik) oldugunu incelemek amaciyla hiyerarsik regresyon
analizi gerceklestirilmistir. Modelin ilk adiminda yas, cinsiyet, ehliyet yili, son bir
yilda gidilen kilometre ve gilinlik sosyal medya kullanimi gibi demografik
degiskenler kontrol edilmistir. ikinci adimda ise sosyal medya kullanimina iliskin

aliskanlik giicli eklenmistir.

Modelin ilk adimi, SMKSDD varyansinin %7,7’sini agiklamistir (F (5, 410) = 6.87,
p <.001). Bu adimda yas (B = —46), ehliyet yili (B = .43), son bir yildaki kilometre
(B = .19) ve giinliik sosyal medya kullanimi (f = .16) SMKSDD ile anlaml iligkili
bulunmustur. Ikinci adimda modele eklenen aliskanlik giicii, varyansmn %11,4’iinii
aciklamis (F (6, 409) = 7.33, p <.001) ve SMKSDD’yi anlaml1 diizeyde artiric1 etkisi
oldugu goriilmiistiir ( = .21, p <.001). Bu bulgu, siiriiciilerin SMKSDD davranigini

belirli 6l¢lide otomatik olarak gerceklestirebildigine isaret etmektedir.

Yapisal esitlik modellemesi (SEM) kullanilarak {i¢ ayr1  yol analizi
gerceklestirilmistir. Ik modelde, Planli Davranis Teorisi’nin (PDT) Sosyal Medya
Kaynakl1 Siiriicii Dikkat Daginikligi n1 (SMKSDD) agiklamadaki rolii test edilmistir.
Ikinci modelde, Prototip Isteklilik Modeli’nin (PIM) SMKSDD iizerindeki etkisi
incelenmistir. Son modelde ise PDT ve PIM birlesik olarak kullamilmis, aliskanlik

giicli dissal bir degisken olarak dahil edilmistir.

Birinci modelde, PDT gergevesinde olusturulan modelin veriye iyi uyum sagladigi
goriilmistiir (y¥df = 3.35/2, RMSEA = .040, CFI = .998, TLI = .990, GFI = .997).
Modelde niyet degiskeni varyansin %39,6’sin1, SMKSDD davranisi ise %58,8’ini
aciklamigtir. Bulgulara gére SMKSDD, hem niyet (B = .694, p < .001) hem de
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algilanan davranig kontrolii (B = .126, p < .001) tarafindan anlamli sekilde
yordanmuistir. Niyet degiskeni ise tutum (B = .244, p <.001), 6znel normlar (f = .262,
p <.001) ve algilanan davranis kontrolii (B = .345, p <.001) tarafindan yordanmustir.
PDT vyapilarina ait dolayl etkiler de kuramsal beklentilerle uyumlu sekilde
SMKSDD iizerine etkili bulunmustur. Niyet araciligryla SMKSDD’ye en yiiksek
dolaylt etki, algilanan davranis kontrolii lizerinden gergeklesmistir (p = .239, p <

.001).

Ikinci modelde, Sosyal Medya Kaynakl1 Siiriicii Dikkat Dagimikligi m1 (SMKSDD)
aciklamak igin Prototip Isteklilik Modeli (PIM) kullanilmistir. Modelin ilk hali
veriye 1yl uyum gostermemistir (y*/df = 77.7/7, RMSEA = .156, CFI = .94, TLI =
.82, GFI = .95). Kuramsal olarak anlamli goriilen yollar (6rnegin prototip
algilarindan niyete dogru) modele eklendikten sonra modelin uyumu anlamli
diizeyde iyilesmistir (y*/df = 4.20/4, RMSEA = .011, CFI = 1.00, TLI = .999, GFI =
.997). Bu diizenlemeler sonucunda model, niyetteki varyansin 9%53,5’ini,
isteklilikteki varyansin %38,2’sini ve SMKSDD davranisindaki varyansin %59,7’sini

aciklamistir.

Modelde teorik olarak oOngoriilen yollar anlamli bulunmustur. SMKSDD, hem
isteklilik (B = .18, p <.001) hem de niyet (B = .64, p < .001) tarafindan yordanmaistir.
Niyet, tutum ( = .12, p = .006), 6znel normlar (f = .11, p = .003) ve isteklilik ( =
.39, p <.001) tarafindan anlaml sekilde etkilenmistir. Isteklilik ise tutum (B = .40, p
<.001), prototip benzerligi (B = .18, p < .001) ve smira yakin bir diizeyde prototip
olumlamas1 (f = .10, p = .051) ile anlaml1 iliskilidir. Yapilan model modifikasyonlari
sonucunda, 6znel normlarm istekliligi (B = .15, p < .001), prototip olumlamasinin
niyeti (B = .23, p < .001) ve prototip benzerligini (B = .11, p < .001) yordadig
bulunmustur. Dolayli etkilere bakildiginda, en yiiksek etki isteklilikten niyete ve
oradan SMKSDD’ye giden yol {izerinden gerceklesmistir (B =.313, p <.001).

Son modelde, birinci ve ikinci modellerde test edilen tiim yollar ile aliskanhk giicii
dissal bir degisken olarak entegre edilmistir. Modelin ilk hali veriye yeterli uyum
gostermemistir (y*/df = 28.5/5, RMSEA = .106, CFI = .984, TLI = .883, GFI = .984).

Modelin uyumunu artirmak amaciyla onerilen modifikasyonlar degerlendirilmis ve
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algilanan davranig kontroliinden isteklilige bir yol eklenmistir. Bu diizenlemeden
sonra modelin veriye uyumu belirgin bigimde iyilesmistir (¥?/df = 2.19/4, RMSEA =
.000, CFI = 1.00, TLI = 1.01, GFI = .999). Model, niyetin %54,8’ini, istekliligin
%43,1’ini ve SMKSDD davraniginin %60,3 {inii agiklamistir.

Aliskanlik giicti, tutum (f = .165, p < .001), 6znel normlar (p = .130, p = .005),
prototip benzerligi (B = .191, p < .001) ve isteklilik (B = .119, p = .002) iizerinde
anlamli ve pozitif etkiler gostermistir. Diger degiskenler arasindaki iligkiler dnceki
modellerle benzerlik gostermistir. Niyet; tutum (B = .097, p = .022), 6znel normlar (8
= .107, p = .004), algilanan davranig kontroli (B = .137, p < .001), prototip
olumlamasi (f = .213, p <.001) ve isteklilik (B = .352, p <.001) tarafindan anlamh
sekilde yordanmustir. Isteklilik ise tutum (B = .329, p < .001), 6znel normlar (B =
128, p =.004), algilanan davranis kontrolii (§ =.234, p <.001) ve prototip benzerligi
(B =.106, p = .039) tarafindan anlaml1 sekilde etkilenmistir.

Dolayli etkilere bakildiginda, aliskanlik giiclinin SMKSDD {izerindeki en ytiksek
dolayl etkisinin dnce isteklilik ardindan niyet araciligiyla gerceklestigi goriilmiistiir
(B =.026, p = .007). Diger anlaml1 bir dolayli yol ise yalnizca isteklilik araciligiyla
SMKSDD’ye etkidir (B = .019, p = .011). Bu bulgular, alisgkanlik giiciiniin yalnizca
dogrudan degil, dolayli yollarla da Sosyal Medya Kaynakli Siiriicti Dikkat

Daginiklig1 davranisini etkileyebilecegini gostermektedir.

Tartisma

Sosyal medya kullaniminin siirlis sirasinda giderek daha yaygin hale gelmesi, siiriicii
giivenligi acisindan 6nemli bir sorun olarak ortaya cikmistir. Bu g¢alismada, bu
davranis “Sosyal Medya Kaynakli Stiriicii Dikkat Daginikligi” (SMKSDD) olarak
adlandirilmigtir.  SMKSDD’nin ~ siirlici performansim1 olumsuz  etkiledigi
bilinmektedir; ancak bu davranisin neden ve nasil gergeklestigi ilizerine yeterli
aciklama bulunmamaktadir. Bu boslugu doldurmak amaciyla yapilan calismada,
SMKSDD'nin planli, tepkisel ve aliskanlik temelli siireglerle ne 6l¢iide iliskili oldugu

ve bu siireclerin nasil etkilestigi arastirilmistir.
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SMKSDD’nin planli yonii Planli Davranig Teorisi (PDT), tepkisel yonii Prototip
Isteklilik Modeli (PIM) ile agiklanmis; aliskanlik yonii ise sosyal medya
kullanimindaki aliskanlik giicii iizerinden degerlendirilmistir. Bu {i¢ siireci kapsayan

biitiinlesik bir model kurulmustur.

Oz-Bildirimli Algskanlik Olgegi ile yapilan faktér analizinde sosyal medya
kullanimina dair aliskanligin tek boyutlu bir yap1 oldugu dogrulanmistir. Olgek,
yiiksek i¢ tutarlilik ve acgiklanan varyans oran1 gostermistir. En yiiksek faktor yiikleri,

davranigin otomatikligini vurgulamstir.

Ikili korelasyon analizlerinde, sosyal medya kullanim sikliginin SMKSDD ile pozitif
iligkili oldugu, son bir yildaki siiriis mesafesinin de benzer sekilde etkili oldugu
goriilmuistir. SMKSDD ile tutum, 6znel normlar, algilanan davranis kontrolii,
prototip algisi, niyet ve isteklilik gibi yapilar arasinda anlamli iligskiler bulunmustur.
SMKSDD’ye en giiclii etkiyi niyet gostermistir. Isteklilik ikinci siradadir; aliskanlik
giicli ise en diisiik ancak anlamli bir iliski gostermistir. Geng siiriiciiller SMKSDD’ye
daha egilimlidir ve aligkanlik giicii 6zellikle kadinlarda ve sosyal medyay1 daha uzun

stire kullananlarda daha yiiksektir.

SMKSDD'in aligkanlikla iligkisini test eden analizde, sosyal medya kullaniminda
yiksek aligkanlik diizeyine sahip bireylerin SMKSDD davranist sergileme
olasiliginin daha yiiksek oldugu goriilmiistir. Bu, SMKSDD'nin belirli kosullarda

otomatik olarak ortaya ¢ikabilecegini gostermektedir.

PDT modeliyle yapilan yol analizinde niyet en gii¢lii yordayict olarak 6ne ¢ikmustir.
Tutum, 6znel normlar ve algilanan kontrol, niyeti anlamli sekilde etkilemistir.
Niyetin davranist 6ngorme giicli, SMKSDD’nin ¢ogunlukla bilingli ve planli bir
davranig oldugunu diisiindiirmektedir. Algilanan kontroliin etkisi, siiriictilerin ¢oklu

gorev yapabilme becerilerine duyduklar1 asir1 giivenle iligkili olabilir.

PIM ile yapilan modelde yine en giiclii belirleyici niyet olmustur. Ancak isteklilik de
SMKSDD'ye dolayli yoldan etki etmis, bu da davranisin belirli durumlara tepki

olarak ortaya cikabilecegini gdstermistir. PIM modeli kapsaminda tutum, 6znel
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normlar, prototip benzerligi ve olumlamasi, niyet ve isteklilik iizerinde anlaml
etkiler gostermistir. SMKSDD’nin, bireylerin benzer gordiikleri veya olumladiklar

kisilerle 6zdeslesme yoluyla da ortaya ¢ikabilecegi bulunmustur.

Biitiinlesik modelde PDT, PIM ve aliskanlik giicii birlikte test edilmistir. Aliskanlik
giiclinlin dogrudan etkisi anlamli olmamakla birlikte, dolayli etkiler gostermistir.
Aligkanlik giicli, tutum, 6znel norm, prototip benzerligi, isteklilik ve niyeti dolaylh
olarak etkilemis, bu da aliskanliklarin davranisi1 dogrudan degil, bilissel

degerlendirmeleri sekillendirerek etkiledigini gostermistir.

Calismanin sinirhiliklar: arasinda 6z-bildirim dl¢timlerinin kullanilmasi, gergek siiriis
davraniglarinin  gozlenememesi ve kesitsel yapist yer almaktadir. Gelecekteki
aragtirmalar, deneysel veya uzunlamasma tasarimlar ve dogal gozlemlerle
desteklenmelidir. Ayrica duygusal durumlarin ve baglamsal faktorlerin de SMKSDD

uzerindeki etkileri incelenmelidir.

Uygulama agisindan, niyetin SMKSDD’yi en gii¢lii sekilde ongordiigii gbz oniinde
bulundurularak, farkindalik kampanyalari, sosyal normlari hedefleyen miidahaleler
ve teknolojik ¢6ziimler onerilmistir. Telefon erisimini sinirlayan uygulamalar veya
stiriciileri sosyal medya kullanimimndan caydiran teknolojiler, etkili miidahale
yontemleri olabilir. Politika diizeyinde ise, daha siki yaptirimlar ve teknolojik
miidahaleler 6nerilmistir. SMKSDD'nin azaltilmasi i¢in davranis bilimi, teknoloji ve

mevzuatin biitiinlesik bicimde ¢alismasi gerektigi sonucuna varilmistir.

Sonu¢ olarak, bu caligma Sosyal Medya Kaynakli Siiriicii Dikkat Daginiklig
davranigint (SMKSDD) planli, tepkisel ve aliskanlik temelli siirecleri bir arada
inceleyerek 6zgiin ve biitlinciil bir bakis agis1 sunmaktadir. Siiriiciilerin sosyal medya
kullanma kararlarinin yalnizca planl siireclerle degil, aym1 zamanda durumsal
tetikleyiciler ve koklesmis aliskanliklarla da sekillendigi gosterilmistir. Bu kapsamli
yaklasim, siiriicii dikkat daginiklig1 gibi karmagik davranislarin tek bir modelle degil,
birden fazla bilissel modelin entegrasyonuyla daha iyi agiklanabilecegini ortaya
koymustur. SMKSDD’ye gotiiren yollarin belirlenmesi, bu davranigin altinda yatan

mekanizmalar1 anlamada kritik bilgiler sunmustur.
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Sonuglar, SMKSDD’de niyetin 6nemli bir belirleyici oldugunu vurgulamaktadir.
Siiriictilerin - bu  davranisa yonelik niyetlerini  degistirmek, giivenli siiriise
yonlendirmede etkili olabilir. Ancak niyet tek basina yeterli degildir. Bazen siiriiciiler
daha 6nce boyle bir niyetleri olmasa da, anlik kosullar, igsel (6rnegin sikilmak) ya da
dissal (6rnegin ¢ok hafif trafik), sebebiyle sosyal medyaya yonelebilmektedir. Bu
durum, ¢evresel kosullara dair anlik algilarin SMKSDD’ye neden olabilecegini

gostermektedir.

Bu arastirmanin 6nemli bir bulgusu da SMKSDD’nin tamamen otomatik bir tepki
seklinde gelismedigidir. Sosyal medyaya bakma istegi gibi aliskanlik temelli
egilimler, siirliciilerin 6ncelikle durumu degerlendirmesine neden olur. Ancak bu
degerlendirmeden sonra davranis gergeklestirilir. Bu nedenle, siiriiciilere durumsal
riskleri fark etme ve bu risklere tepki verme becerisi kazandirmayi hedefleyen

programlar, aligkanlik kaynakl: diirtiilerle basa ¢ikmak agisindan etkili olacaktir.

Genel olarak bu g¢alisma, mobil telefon kaynakli dikkat daginikligima dair anlayis
ilerletmistir. SMKSDD, mobil telefon kullaniminin 6zgiin bir alt bigimi olarak, ¢coklu
model yaklasimiyla daha etkili bir sekilde agiklanabilmektedir. Biitiinlesmis model,
bu karmasik ve riskli davranigin Onlenmesine yonelik net miidahale yollari

sunmaktadir.
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